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Abstract  
 

AI is increasingly integral to our lives, reshaping how we work, think and interact. In 

genealogy, AI, particularly generative-AI, has significant potential to transform research 

practices. This study explores how AI can empower genealogists by streamlining research 

tasks and uncovering new insights into historical data. A mixed-methods evaluation involved 

genealogists testing generative-AI in workflows and interviews on three AI-enhanced 

historical projects. The findings indicate that integrating  AI into genealogy workflows 

augments genealogists’ skills and knowledge, improving their efficiency and effectiveness. 

However, it also highlights the need for caution to maintain the accuracy and reliability of 

genealogical research. The study recommends updating standards and developing 

comprehensive guidelines for ethical AI use.  Structured educational programs are advised 

to equip genealogists with a thorough understanding of AI's benefits and limitations, 

ensuring responsible integration into their work. 

 

Keywords: generative AI, genealogy workflows, ethical AI use, historical data analysis, AI 

education in genealogy 
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Glossary/ Nomenclature 
 
Abbreviation Explanation 
AI (Artificial Intelligence) The broad concept of machines performing tasks that 

typically require human intelligence. 
AGGRA The Australasian Association of Genealogists and Record 

Agents is a professional association for genealogists. 
BCG Board for Certification of Genealogists – a US-based 

professional association for genealogists 
Deep Learning A specialisation within ML involving neural networks that 

mimic human brain functioning, useful for complex tasks 
like image and speech recognition. 

DNA Genotyping The process of examining an individual's DNA at specific 
locations, often for identifying ethnic admixture or 
haplogroup details. 

Ethnic Admixture A term describing the mixing of ancestries or ethnic groups 
in an individual’s genetic makeup. 

Family History ACT 
FHACT   

Family History ACT is a genealogical society in Canberra 
and the Australian Capital Territory. 

GDPR (General Data 
Protection Regulation) 

A comprehensive data protection law that became 
enforceable in the European Union (EU) on May 25, 2018. 
It's designed to give individuals control over their personal 
data and simplify international business's regulatory 
environment by unifying the regulation within the EU. 

Generative AI 
(Generative-AI) 

This term refers to a form of AI designed to create new 
content rather than analyse or process existing data. It 
includes GPTS such as ChatGPT and Copilot and image-
to-text generators. 

Generative Pre-trained 
Transformers (GPT) 

A type of Large Language Model known for its ability to 
generate coherent text. Examples include ChatGPT, 
Gemini, Microsoft Copilot and Claude. 

Genome (Human Genome) The complete set of DNA in an organism, including all of its 
genes. In humans, the genome consists of 23 chromosome 
pairs. 

Global Information Systems 
(GIS) 

A framework for gathering, managing, and analysing 
geographical data. It analyses spatial location and 
organises layers of information into visualisations using 
maps and 3D scenes, providing deeper insights into data, 
such as patterns, relationships, and situations. 

Haplogroup A group of similar haplotypes that share a common 
ancestor with a single SNP mutation. 

Haplotype A DNA sequence at adjacent locations on a chromosome 
that are inherited together. Haplotypes can be used to 
identify genealogical lineage and genetic variations. 

IEEE Institute of Electrical and Electronic Engineers. A 
professional association dedicated to advancing 
technology for the benefit of humanity. 

In Common With 
(ICW) 

It is used in genetic genealogy to describe matches that 
two individuals share with the same third part. (shared 
matches) 

ISOGG  The International Society of Genetic Genealogy is an 
organisation dedicated to promoting the use of genetics in 
genealogical research.  
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Large Language Models 
(LLM) 

A specific type of Natural Language Processing 
application, trained on extensive text data, is capable of 
generating, understanding, and responding to human 
language – sometimes called a chatbot. 

LiDAR 
Light Detection and ranging 
Aerial Remote sensing 
imagery 

LiDAR is a remote sensing method that uses light in the 
form of a pulsed laser to measure variable distances to the 
Earth. These light pulses—combined with other data 
recorded by the airborne system—generate precise, three-
dimensional information about the shape of the Earth and 
its surface characteristics. LiDAR technology is widely used 
for making high-resolution maps, with applications in 
geology, seismology, forestry, and urban planning, among 
others. 

Machine Learning (ML) A subset of AI where systems learn and make predictions 
from data. 

MRCA  
Most Recent Common 
Ancestor  

In genetic genealogy, MRCA refers to the most recent 
individual from whom two or more shared matches are 
directly descended. It helps identify a point in ancestral 
lines where their paths converge.  

mtDNA The DNA found in mitochondria, inherited from the mother, 
is used in studies tracing maternal lineage. 

Natural Language 
Processing (NLP)    

The application of AI to understand and interpret human 
language. 

Neural Network A type of Deep Learning that mimics the way neurons in 
the human brain connect. 

Next Generation 
Sequencing 

A method of DNA sequencing that allows for the rapid 
sequencing of the entire genome or parts of it, significantly 
faster and cheaper than traditional methods. 

Non-Paternity Event 
(NPE) 

Also known as Not Parent Expected – the person 
recognised as the parent is not the biological parent. 

RQG Register of Qualified Genealogists, a professional 
association for genealogists 

SNP (Single Nucleotide 
Polymorphisms) 

Genetic variations at specific positions in the genome, 
crucial for genetic analysis. 

WATO What are the Odds -  a tool used to explore and 
hypothesise relationships between DNA matches based on 
probability. 

Y-DNA The DNA found on the Y chromosome, inherited paternally, 
is used in studies tracing paternal lineage and male 
ancestry. 
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Terminology used in this dissertation 
 

Although the term “AI” is often applied to mean the newest and most human-like forms of 

artificial intelligence, this dissertation distinguishes between several different forms of AI.  

“Generative-AI” refers specifically to applications such as ChatGPT or DALL-E 2, which are 

designed to create new content. At the same time, Large Language Model (LLM) refers to 

generative-AI chatbots such as ChatGPT, Claude and Copilot. “AI” is used to refer to other 

artificial intelligence technologies. 

 

 
 
Acknowledgement of the use of Generative-AI 
 
I would like to acknowledge the use of generative-AI in this dissertation.  Since this research 

focused on AI’s ability to empower genealogists in their work,  the exploration and 

application of generative AI was a core aspect of the dissertation.  When generative AI 

content was used, it was properly cited and clearly identified as AI-generated in the 

references.  

 

ChatGPT-4 was used as a collaborative tool to assist with the initial planning and early 

revisions of my work in much the same way as a friend or colleague. It was used to suggest 

potential resources for further research and assist in developing new skills, including using 

Python for statistical analysis. While ChatGPT-4 served as a tool to facilitate the research 

process, the formulation of the research questions, the interpretation of data, the synthesis 

of information, and the critical analysis are entirely my own work. The final content, strategic 

direction, and conclusions reflect my personal insights and academic judgment. 

 
 

  



BOLLARD.Cheryl_MScDiss_draft 
 12 21/04/24 
 

Chapter 1. Introduction 
 

1.1 Background 

Artificial Intelligence (AI) has been widely recognised for its potential to improve workflows 

across many fields, including genealogy, where it has helped reshape genealogical research 

methodologies over many years by expediting DNA analysis, processing large datasets and 

improving information retrieval processes.1 2 3  In late November 2022, the AI world was 

transformed with the release of ChatGPT, a generative-AI chatbot that was affordable, user-

friendly and accessible.4 With over a million users within five days and ten million within a 

few months, it seemed like AI exploded overnight from an obscure academic study to a 

powerful force transforming every aspect of life.5 Mollick compares AI to other General-

Purpose Technologies that have transformed everyday life, like electricity, computers and 

the internet, but notes its impact has been felt in months rather than decades.6 (Fig.1) 

 

 
Figure 1 Milestones in OpenAI’s Generative AI capabilities illustrating the speed of change.7 

 
Generative-AI creates new content, unlike other forms of AI that analyse or process existing 

data. Models like ChatGPT, Co-Pilot, Claude or Midjourney generate text, images and other 

media based on patterns learned from large amounts of training data.8 Studies show that 

knowledge workers using generative-AI improved productivity by 20-80%.9 10 When 

combined with its ability to synthesise text, predict data patterns, and automate complex 

tasks, generative-AI has the potential to provide genealogists with new ways to enhance 

their research. 

 

However, early reviews and feedback from genealogists did not entirely support these 

optimistic findings. Initial reports expressed scepticism and reluctance within the 

genealogical community, with genealogists expressing concerns about the reliability and 

accuracy of AI-generated information.11 12 13 Generative-AI’s tendency to create non-factual 

information, known as hallucinations, poses significant problems in a field that relies heavily 

on accuracy and verifiable data, and many questioned the value of generative-AI in 

genealogy.14 15 16 
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However, as the technology evolved, genealogists continued experimenting and recognised 

more of generative-AI’s potential and adopted it into their workflows. Bettinger, Little and 

Mollick demonstrated that clear prompts and contextual information significantly enhanced 

generative-AI’s performance, decreasing hallucinations, reducing the risk of errors and 

improving the overall quality of genealogical research.17 18 19 They proposed that the best 

approach to integrating generative-AI into genealogy was to augment genealogists’ skills 

through collaboration.20  

 

By working collaboratively with AI, routine or time-consuming tasks such as data extraction 

or summarisation can be streamlined, allowing genealogists to focus on more complex 

analytical tasks requiring human judgment and contextual understanding.21 This partnership 

not only speeds up the research process but also enhances the quality and depth of the 

analysis, allowing genealogists to make more informed decisions and explore new research 

avenues. 

 

Given these insights, examining how genealogists can work collaboratively with generative-

AI in traditional genealogy workflows is important. The rapid evolution of these technologies 

and the current gaps in practical knowledge call for careful examination of how AI can be 

integrated into traditional genealogy workflows while maintaining accuracy and innovation. 

 

1.2 Research Focus 
Generative-AI is sometimes seen as a magic wand, instantly solving research questions or 

miraculously finding long-missing records to solve genealogical brick walls. In reality, 

generative-AI empowers research in small increments by streamlining tasks, freeing time for 

further research.22 23 Its practical application in genealogy requires realistic expectations and 

an understanding of its capabilities, limitations and ethical implications like data privacy, 

accuracy and historical integrity.  

 

This research aimed to critically assess the integration of AI into genealogy workflows by 

investigating its actual performance when undertaking routine genealogical tasks like data 

extraction, document analysis and translation. Focusing on these practical applications, the 

research sought a balanced view of AI’s potential, moving beyond media claims to evaluate 

its real-world effectiveness. 
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This research also provided an opportunity to explore the initial impact of this emerging 

technology (generative-AI) in genealogy. The last significant studies on technology adoption 

within genealogy were conducted in 2016 with the move towards digital technologies and in 

2020 concerning the use of DNA in genealogical practices.24 25 As generative-AI continues 

to evolve and more genealogists experiment and adopt this technology, genealogical 

research methods are likely to change considerably. This makes the current study both 

timely and essential, providing a foundation for understanding how genealogists are 

adapting to this transformative tool at an early stage. 

 

1.3 Overall Research Aim and Individual Research Objectives. 

The primary aim of this research was to investigate the potential of AI to empower 

genealogists by exploring the benefits and limitations of its ethical integration into genealogy 

workflows. In this context, empowering means providing the tools, skills or knowledge to do 

their research and other related work more effectively. 

 

The specific objectives of this research are: 

1. What are the benefits and limitations of generative-AI for genealogy purposes? 

2. How can generative-AI be used in genealogy, how effective, efficient, and accurate is 

it for genealogical purposes, and how aware are genealogists of these tools? 

3. What ethical considerations and safeguards are needed when using AI, and what 

risks arise from not implementing them? 

4. How is AI being integrated into current genetic genealogy processes, and what are 

the benefits and challenges? 

5. How is the use of AI changing the availability, access, and use of historical 

documents?  

6. How is AI being used to re-interpret historical data to provide new insights for 

genealogical research? 

One of the challenges of integrating AI into genealogy is the newness of the technology. AI 

is still being explored and tested to understand its capabilities, limitations, and the best way 

to utilise it.26 These research objectives provide a systematic framework for examining and 

evaluating AI’s use in key areas of genealogical interest, addressing whether AI can 

empower genealogists in their work. 
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1.4 Research methods  

This research used a literature review and empirical data to investigate the emerging use of 

AI and generative-AI in genealogy. Given the recent emergence of generative-AI, traditional 

academic publications are scarce and were supplemented with material from online forums, 

including Facebook and blogs.  

 

Empirical data for Research Questions.1-5 was gathered through benchmark testing 

(Capability Analyses (CA)), using a mixed methods survey to evaluate generative-AI’s 

performance in routine genealogical tasks. This approach, recommended by Cresswell, 

combines statistical information and qualitative feedback for an in-depth analysis of complex 

issues.27 Similar methodologies were employed in studies examining generative-AI use in 

professional settings.28 29 The CAs were completed by genealogists from Family History 

ACT (FHACT). This group is representative of many genealogists who, although not paid to 

research, take a professional approach to their research.  

 

Data for Research Question.6 was collected in interviews with three project leaders involved 

in projects using AI to reinterpret historical data. The methodology aligned with the principles 

outlined by Yin and Denscombe and provided an in-depth exploration of the integration of AI 

in a real-life context.30 31 
 

The combination of the literature review and empirical research allowed for the comparison 

of theory and practice and provided a comprehensive analysis of the applicability of AI 

integration into genealogy. Full details of the research methods used for the empirical study, 

including justification for the chosen methods, can be found in Chapter 3.   
 
1.5 Choice of Generative-AI Model 

This research required an AI model with advanced functionality, high accuracy and versatility 

to fully explore generative-AI’s capabilities in genealogy, features usually found in cutting-

edge models.32 For most of the research period, ChatGPT-4 was used as it was the most 

advanced generative-AI model, offering features like document upload, real-time internet 

access, and custom GPTs.33 These capabilities significantly reduced AI hallucinations and 

produced more accurate and contextually appropriate responses. However, other 

generative-AI models were used for comparison. By May/June 2024, technology had 

evolved with frontier models like GPT-4o, Gemini 1.5, and Claude 3 Opus, with improved 



BOLLARD.Cheryl_MScDiss_draft 
 16 21/04/24 
 

skills in reasoning over large amounts of text, generating ideas and writing non-robotically 

and was used for exploration during the latter part of my research.34 (Fig.2)  

 

Figure 2 Comparison of generative-AI models June 2024. 35 

 

Each testing cohort member chose the model they believed was best suited for their specific 

tasks. This varied approach allowed them to leverage the strengths of different generative-AI 

models, ensuring robust and reliable research results, and is discussed further in Chapter 4. 

 

1.6 Research Value. 

This research benefits the genealogy community by providing insights into integrating AI and 

generative-AI into genealogy workflows, filling gaps in our understanding of AI’s potential 

impacts and practical applications. It is one of the earliest formal studies that empirically 

evaluate the capabilities and limitations of AI in genealogy, offering a balanced perspective 

that challenges early misconceptions of AI’s usefulness and tests theoretical propositions on 

AI’s applicability in a field based on factual accuracy and reliability.  

 

The study demonstrated AI’s impact on genealogy research methods, highlighting the 

benefits and limitations of generative-AI for genealogy. The findings supported the literature 

and demonstrated that generative-AI, when used collaboratively, augments genealogists' 

performance and empowers their workflow. The study also contributed to broader 

discussions on the ethical use of AI and the need for robust standards and guidelines to 

safeguard against potential risks while maximising the benefits.  
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This research contributes to the bank of knowledge and skills genealogists need to integrate 

AI into their research effectively, helping to keep methodologies current and relevant. The 

involvement of a local grassroots genealogy society in this research fosters a community of 

practice that supports the informed dissemination of AI knowledge, preparing genealogists 

for increasingly tech-driven research. This collaborative aspect provides a replicable model 

for other genealogy societies and highlights the communal benefits of such research.  

 
The next chapter examines the literature relevant to the objectives of this research, 

beginning with an introduction to AI. 
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Chapter 2 – Literature Review 
 

This research used a literature review and empirical data to investigate the emerging use of 

AI and generative-AI in genealogy.  Given the recent emergence of generative-AI, traditional 

academic publications such as journals, theses and books are just becoming available. 

Existing literature is primarily from practitioners, highlighting a significant gap in academic 

research into AI’s role in genealogy. Video presentations, real-time discussions, and 

experiences shared in Facebook groups and blogs supplemented traditional sources. These 

digital forums provided valuable insights into current practices for integrating AI into 

genealogical workflows, filling gaps in the academic literature. 

 

The review starts by investigating the use of AI in genealogical research and how 

genealogists adapt and manage change. It also analyses the role of AI in genetic genealogy 

and the ethical implications associated with using AI. These themes address fundamental 

questions about how and when genealogists use AI tools and provide a framework for the 

empirical investigation’s design and analysis.  

 

2.1 AI 101 - AI Concepts  
This section begins with an overview of AI technologies before discussing their impact on 

genealogy and highlighting some AI innovations in the field, setting the stage for 

understanding AI’s technological implications in genealogical research. 

 
Artificial Intelligence, Machine Learning (ML), and Deep Learning (DL) are often used 

interchangeably but represent different layers of complexity and capability in data processing 

and decision-making. Goodfellow describes AI as the broadest concept, encompassing 

tasks that typically require human intelligence, such as visual perception.36  Machine 

Learning, a subset of AI, uses algorithms to analyse data, learn from it and make predictions 

about complex patterns.37 Deep Learning, a further specialisation within ML, involves neural 

networks with multiple layers, making it effective at handling large volumes of data and 

complex tasks like image and speech recognition.38 Goodfellow asserts Deep Learning is 

the current cutting-edge of AI’s capacity to mimic human cognitive functions. 39  (Fig.3) 
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Figure 3 Venn diagram depicting the relationship between AI, ML, and Deep Learning.40  

 

Pillai's analysis puts this into a genealogical context, explaining AI provides the data analysis 

framework, ML offers strategies to gather insights from historical records, and Deep 

Learning enables the detailed analysis of complex genealogies to suggest potential family 

connections.41   

 

Generative AI - Reshaping how Genealogists Work 
Generative-AI is revolutionising how genealogists and other professionals work, by 

transforming traditional methods with advanced natural language processing (NLP). NLP 

includes DL applications like language translation and sentiment analysis to process and 

understand human language.42  

 

 A form of generative AI, Large Language Models like ChatGPT are an extension of NLP 

trained on extensive datasets to generate, understand, and respond to human language.43 

LLMs can help with a wide range of intellectual tasks, and as Mollick claims, working with 

them is like working with an intelligent person who sometimes makes mistakes; they can do 

amazing things but are frustrating at times.44 
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The generative-AI training process involves unsupervised learning and reinforcement 

learning from human feedback.45 Initially, LLMs undergo unsupervised learning, analysing 

massive amounts of text data to identify patterns and understand language structures.46 This 

pre-training enables the system to generate text in a stochastic manner, using probabilistic 

algorithms to produce coherent and contextually relevant text based on its input.47 

Reinforcement learning from human feedback fine-tunes the model's responses to  

align more closely with human values and preferences, enhancing the model's accuracy, 

reliability, and adherence to ethical guidelines by reducing biases and inappropriate 

content.48 (Fig.4) Hörnemalm emphasises that the training data's quality, variety and size 

determine generative-AI’s accuracy and biases.49 

  

 
Figure 4 Use of human feedback to improve the performance of GPTs.50 

 

One of the significant challenges with generative-AI is hallucinations, where models 

generate incorrect or fabricated information. This occurs when the LLM is given ambiguous 

context and uses its non-deterministic nature and probabilistic sampling to produce a 

plausible yet inaccurate response.51 52 Kellogg and Mollick recommend prompt engineering 

as a valuable strategy to mitigate this issue.53 54 Prompt engineering involves fine-tuning AI 

models through carefully crafted input prompts to enhance response accuracy and 

contextual relevance.55 Little and Mollock use techniques like crafting clear and specific 

prompts, providing contextual information to minimise misinterpretations, iterative refinement 

to continuously improve prompts based on AI outputs (prompt chaining), and anchoring 

Improved 
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responses to well-established facts.56 57  Their research demonstrates that these strategies 

can significantly enhance the reliability of AI-generated content, proving particularly 

beneficial in fields demanding high accuracy and trustworthiness, including genealogy. 

 

Research by Dell’Aqua highlighted the benefits of LLMs in enhancing work efficiency and 

decision-making of knowledge workers like genealogists. 58  Their study demonstrated that 

consultants working collaboratively with ChatGPT-4 significantly outperformed those who 

didn't use AI across various tasks.59 The results showed improvements in performance 

speed, quantity and quality, demonstrating the substantial impact of generative-AI in 

empowering workers’ capabilities. 60  61 The research identified two successful patterns of AI 

integration: the "Centaurs," who strategically divide tasks between AI and human effort, and 

the "Cyborgs," who integrate AI seamlessly into their workflow.62 

 

Although LLMs are good at many tasks, there are some they do poorly and others not at all. 

Dell’Acqua’s "jagged frontier" concept illustrates the uneven capabilities of AI across tasks of 

similar difficulty and highlights the importance of being aware generative-AI’s limitations.63  

The research demonstrated that generative-AI performs well for the tasks inside the frontier, 

but the probability of hallucinations increases for tasks on the frontier. (Fig.5) 

 

Figure 5 Dell'Acqua's "Jagged frontier of AI capabilities".64 
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This understanding of AI's strengths and limitations offers valuable insights for genealogists 

and professionals, helping them to integrate AI into their work processes while maintaining 

an awareness of over-reliance on the technology.65  

Dell’Acqua’s, Little and Mollick’s research played an essential role in the design and 

methodology of my research’s data collection. 

2.2 Impact of AI on Traditional Genealogical Methods 
As Pillai noted, AI has transformed genealogical research methods by enhancing search 

optimisation, recommendation systems and document management systems for faster 

digitisation, indexing and processing of records.66 67 Its integration into genealogy is evident 

in family tree hints produced by sophisticated AI systems transcribing historical documents, 

linking records, and mapping family relationships.68 

 

New genealogical data collections are becoming available as AI handwriting text recognition 

algorithms (HTR) accelerate their accessibility. 69 HTR technology transcribed the 1950 US 

Census in nine days compared to nine months for human transcription of the 1940 

Census.70 The Material Culture of Wills project also uses HTR to rapidly transcribe 25,000 

wills from the Prerogative Court of Canterbury. 71 This model will later enhance the National 

Archives (UK) manuscript collection's accessibility, providing genealogists with digital access 

to more resources.72 

 

AI innovations in primary source management have transformed the efficiency of data 

retrieval and organisation in archives and opened new datasets for genealogical and 

historical research. 73 Gibbs notes that digitised records enable new research techniques 

and dissemination methods, enhancing data analysis and interpretation.74  However, 

Crymble recommends the establishment of digital archives with multidisciplinary teams to 

integrate AI technology while maintaining the integrity of the data.75 

 

  



BOLLARD.Cheryl_MScDiss_draft 
 23 21/04/24 
 

This transition to digital archives requires new management and research approaches to 

interpret the growing digital data volume. 76  Johnson and Bell advocate modernising current 

data classification systems, which are based on old card cataloguing systems. (Fig.6) 

 

 
Figure 6 The National Library of Australia’s shift from a card catalogue to a computer system.77 

Bell suggests adopting an associative approach using Natural Language Processing (NLP) 

for improved retrieval.78 79 NLP facilitates searches using everyday language, providing 

more expansive and contextually relevant results.80  However, my research findings 

indicated that respondents were only moderately impressed with NLP search capabilities in 

their current format and preferred to continue using traditional methods.  

 

Sherratt and Crymble assert that the evolution from microfiche to digital imaging and AI 

indexing has democratised access to historical materials, offering researchers unparalleled 

ease and efficiency.81 82 They emphasise that AI's potential to refine data organisation and 

analysis will unlock more profound insights into historical narratives. 83 The impact of 

technology on historical research, as described by Crymble and Sherratt, is showcased in 

the three projects investigated during my research.84 85   

 

Building on these insights, Milligan argues that leveraging AI requires training researchers 

and genealogists to understand digital research principles and the use of AI technology.86 

He believes understanding AI’s impact on research choices is crucial for effective data 

collection, analysis, and historical interpretation.87  

 

Godfrey and Cowley also highlight the importance of robust contextual databases in 

historical research. 88 89 90  AI tools and digital methodologies can enhance the depth and 

breadth of historical analysis and understanding of this research’s projects; Godfrey’s work 

used AI to link historical records, analysing the impact of solitary confinement on convict life 
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expectancy.91 His AI-enabled spatial analysis enriched historical criminology by connecting 

the data to locations, offering insights into penal transportation.92 93 94 

 

However, the use of AI in historical research raises significant ethical considerations, with 

Johnson, Gibbs, and others acknowledging the inherent biases in digitisation. Sherratt's 

statement, ‘collections are formed by exclusion, by decisions about whose lives and voices 

matter’, underscores the potential for choices about what to digitise, indexing methods, and 

access protocols to subtly influence historical narratives. Little further highlights these ethical 

dilemmas, particularly when digitised data is used to train AI systems. These authors stress 

the critical importance of strong ethical frameworks, human validation and ensuring 

transparency in all research projects.  

 

These technological advancements are fundamentally changing genealogical research. The 

integration of AI necessitates re-evaluating traditional approaches and adopting new 

strategies to manage and interpret digital data.  Ongoing research is needed to fully 

comprehend AI's impact. This study aims to contribute insights into AI's impact on 

genealogy.   
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2.3 Adaption and Change Management in Genealogy 
Over time, genealogists have adapted to technological changes, from microfiche to digital 

databases and online genealogy platforms, demonstrating a willingness to integrate new 

technologies, including AI, into traditional practices. (Fig.7) 

 

 
Figure 7 Genealogical research methods timeline.95 96 97 

 
Rogers’ Diffusion of Innovations theory provides a framework for understanding technology 

adoption, identifying five adopter categories: Innovators, Early Adopters, Early Majority, Late 

Majority, and Laggards.98 (Fig.8) This segmentation aids in understanding how societies 

embrace new technologies and develop effective change management strategies.99  Most of 

my testing cohort are Innovators/ Early Adopters, typically more open to new technologies, 

and their potential positive bias must be considered during analysis.100  

 

 
Figure 8 Rogers’ Theory of Diffusion of Innovation.101 
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Understanding the behaviours and needs of genealogists can also inform how new 

technologies are integrated into research practices. Duff and Johnson's research explores 

genealogist’s information-seeking behaviours, detailing research stages, tools, expertise, 

and challenges.102  Their findings emphasise the need for tailored archive systems, a need 

that has grown with AI’s integration. Their 2002 and 2003 studies demonstrated 

genealogists’ adaptability to early internet resources despite scarce online primary sources, 

showing their resourcefulness and relationship with technology.103 104   

 

Building on earlier works, Lucy investigated technological integration within genealogy 

research.105 106 107 108 Her study revealed a reliance on technology and the internet for 

research, moving away from traditional, physical archive-based methods.109 She highlighted 

genealogists' proficiency in using various resource formats, concluding they wanted faster 

digital searches and were open to technological changes.110 Her methodology informed the 

development of data collection methods used in this study. 

 

The genealogical community is only beginning to understand generative-AI’s impact. 

Bettinger highlights its potential benefits and limitations, suggesting generative-AI useful for 

content generation and organisation, but cautions against using it for complex analytical 

reasoning or factual information. 111 He advocates for a measured approach, urging 

genealogists to use generative-AI judiciously while staying informed about its potential and 

limitations.112 The lack of information on generative-AI’s use in genealogy has seen the 

community use social media for real-time guidance and best practices.113 AI genealogy 

pioneers, like Bettinger, Little, Hoitink and Leeds, use Facebook and blogs to explore 

generative-AI, sharing breakthroughs and challenges.114 115 116 117 

 
Genealogists have shown a remarkable ability to adapt to change and embrace new 

technologies, strongly suggesting they are open to AI’s potential. This research aims to provide 

empirical evidence on generative-AI’s capabilities in genealogy and the community’s 

willingness to adapt.  
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2.4 Role of AI in Genetic Genealogy  
DNA analysis has revolutionised genealogy, reshaping our understanding of family 

connections. This transformation is driven by AI's ability to process complex genetic data 

swiftly and accurately. This section explores AI's role in genetic genealogy and addresses 

some associated ethical implications, focusing on AI's contributions rather than genetic 

genealogy methods and practices.  

 

Caine claims AI's proficiency lies in handling the vast, intricate datasets typical of genetic 

research, bringing precision to interpreting genetic data, and aiding in significant 

breakthroughs.118  AI's contribution ranges from analysing SNP microarrays to facilitating 

advanced genetic testing and enhancing the understanding of ancestry and family 

connections.119 (Fig.9) 

 

 
Figure 9 Use of AI technologies in genetic genealogy. 120 
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DNA Testing 
Glynn's 2022 report highlights that over 41 million people worldwide had taken direct-to-

consumer DNA tests, using AI to analyse DNA from samples using high-density Single 

Nucleotide Polymorphism (SNP) microarrays, pinpointing them accurately.121 122  Dias 

explains AI neural networks compare test data against reference panels using technologies 

like computer vision, mapping algorithms, and sequence analysis to detect genetic variants 

with high precision.123 124  

 

Hanacek notes each testing company's SNP chips and proprietary AI algorithms analyse 

public databases, reference panels, and their customer results database, influencing the 

outcomes and causing variances in interpretation and accuracy between companies. 125   

 
DNA Matching and AI 
Holton explains genotyping provides ethnic admixture estimates and precise haplogroup 

details, essential for tracing ancestral lineages.126  Alharbi describes the role of machine 

learning and neural networks in this process, which performs intricate calculations to extract 

meaningful patterns from large genomic datasets. 127 128  Holton emphasises AI-enhanced 

data’s role in accurately determining haplogroups, especially with the influx of data from 

Next-Generation Sequencing tests, providing new insights into mtDNA and Y-DNA 

lineages.129 

 

Holton and Stankus caution against overreliance on admixture results, which depend on the 

diversity and size of reference groups for accurate estimates.130 131  For example, 

AncestryDNA uses a reference panel of about 71,306 samples from 88 regions, continually 

refining its machine-learning algorithms as its database expands to improve precision.132 

 

AI in DNA analysis, especially in identifying cousin matches, is an asset for genealogists. 

AI's machine-learning algorithms analyse DNA segments and identify genetic relatives from 

extensive databases and are one of the most effective tools for expanding genealogical 

research.133 134  Hu and Ball discuss the sophisticated algorithms and estimators behind 

many features offered by testing companies, illustrating AI’s capacity to empower 

genealogists.135 136 137 Bettinger notes AI-enabled DNA matching facilitates discovering 

unknown family branches and deepens understanding of genetic linkages, creating more 

precise family histories.138 
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Impact of Genetic Genealogy 

Stallard discusses AI-enabled genetic genealogy's impact on traditional research methods, 

revealing the objective nature of DNA data, its importance as a verification source and the 

potential to share data across platforms, means DNA is a unique resource.139  Holton’s work 

in the Battle of Bannockburn and the Treaty of Arbroath projects demonstrates how AI-

enabled genetic testing combined with traditional sources can reveal new insights into 

medieval ancestries.140  

 

Challenges and Ethical Considerations  
Christofides raises ethical concerns about privacy and data security in genetics, warning of 

the risks of unauthorised access, misuse of genetic data and undisclosed use or sale of raw 

data for research.141 Similarly, Parikh highlights biases in AI from the quality of training data 

or disproportionate ethnic representation in reference panels, distorting genetic analysis.142 

Ménard emphasises the importance of rigorous validation of AI's accuracy and 

interpretation, addressing concerns about AI’s susceptibility to errors and biases.143 Their 

call for establishing scientifically robust, ethical and socially sensitive practices to guide 

testing aligns with  Royal.144   

 

The Genetic Genealogy Standards and ISOGG’s ethical framework address these ethical 

challenges, ensuring genetic genealogy adheres to principles of privacy, accuracy, and 

equity, balancing technological advancements with moral responsibility.145 146    

 

Given proprietary AI’s prevalence in genetic genealogy, outside genealogists’ control, my 

study concentrated on understanding its influence on research practices and exploring 

potential applications of end-user AI tools.  
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2.5 With Great Power comes Great Responsibility – Ethically using AI 
in Genealogy 
Mollick, referencing Kratzenberg's Law, emphasises AI's impact is neither inherently 

positive, negative, nor impartial; but depends on its application.147 148 He claims AI's 

introduction heralds significant workplace shifts that cannot be ignored.149 This perspective is 

relevant to genealogists and reflects the importance of deliberately integrating ethical 

considerations into AI-assisted genealogical research, ensuring that technology enhances 

rather than detracts from genealogical integrity. 

 

The unprecedented speed and scope of the change arising from the release of generative-AI 

presents unique challenges and opportunities. Governments and organisations worldwide 

are grappling with integrating ethical considerations into the AI paradigm.150 Fjeld mapped 

global ethical frameworks, identifying eight key themes: privacy, accountability, safety and 

security, transparency and explainability, fairness and non-discrimination, human technology 

control, professional responsibility, and promotion of human values.151 These themes are 

echoed in the IEEE's guidelines and the EU’s AI Act.152 153   

 

AI developers also play an essential role in the ethical use of AI by embedding ethical 

standards into algorithms and providing tools for bias mitigation. Complementing these 

technical efforts, Li and Mollick advocate for a human-centred approach, emphasising AI 

systems that uphold human dignity, safety, and inclusivity, which reflect core genealogical 

values.154 155 

 

Mollick emphasises the practical application of these principles in organisational settings, 

arguing that fostering an understanding of ethical AI across various sectors is necessary for 

its effective implementation.156 Adopting AI has raised similar challenges in genealogy, 

which are increasingly important to address.  

 

MacEntee lists genealogists' ethical AI concerns as intellectual ownership, privacy, 

transparency, societal biases, and misinformation.157  Cowgill expands, stressing the 

importance of high-quality input data to mitigate biases, especially gender and race biases 

and the necessity of user education to reduce the risk. 158  

 

  



BOLLARD.Cheryl_MScDiss_draft 
 31 21/04/24 
 

Acknowledging generative-AI’s limitations in factual accuracy, which is critical in genealogy, 

Bettinger suggests carefully considering its use for factual research.159 He also addresses 

the legal and ethical complexities of AI-generated content, questioning if AI can commit 

plagiarism, as, to date, only humans are recognised in this context.160 This issue is 

particularly relevant in genealogy, where the authenticity and originality of genealogical 

narratives are integral. Bettinger calls for transparency in the use of AI tools, suggesting that 

genealogists should disclose AI assistance, aligning with publication guidelines for academic 

journals.161 162 163  

 

Little's balanced approach to ethics, disclosure, and privacy aligns closely with these 

arguments.164 He advocates for pragmatic AI use, suggesting AI assistance be regulated 

similarly to human assistance, and cautions against sharing sensitive data with generative-

AI.165  Like Mollick, MacEntee and Bettinger, his guiding principles encourage a human 
centric approach to AI, highlighting the importance of addressing assumptions and engaging 

interactively with AI technologies.166 167 168 169 

 

These issues reflect broader global challenges in ethical AI development and the need to 

determine the fundamental principles for responsible AI use in genealogy. Professional 

genealogy organisations promote ethical frameworks that emphasise thorough, verifiable 

research, accuracy, and ethical information handling that align closely with these 

principles.170 171 172  173 These frameworks are being adapted to address AI's unique 

challenges within genealogy, with grassroots initiatives, like the AI and Genealogists 

Facebook group's decision to watermark AI-generated images, showcasing a community 

commitment to ethical AI use.174 175  

 

This blend of established frameworks and genealogist-led innovations creates a 

comprehensive approach to integrating AI into genealogical research. This ensures practices 

remain consistent with genealogy’s core values of accuracy, transparency, and integrity.  

 

One of my research aims is to fill the knowledge gap on the ethical use of AI-assisted 

research for genealogy by focusing on how genealogists can incorporate ethical guidelines 

into their AI-assisted research methodologies.  
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2.6 Literature Review Conclusion 
Based on the literature review insights, a theoretical framework for understanding AI’s role in 

genealogy can be developed, guided by three components: generative-AI's capabilities in 

genealogy workflows, ethical integration of AI and the broader impact of AI integration on 

genealogy research. The following chapter uses this framework to outline the methodologies 

used to gather empirical evidence, detailing the research strategy, data collection techniques 

and sample selection criteria. 
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Chapter 3 – Research Methods 
 

This chapter builds on the theoretical framework established in the Literature Review to 

gather empirical data on AI’s role in genealogy workflows. The diverse research questions 

required a multi-method approach to capture the AI’s multifaceted impact. This chapter 

outlines specific methodologies for each research question, covering data collection 

techniques, ethical considerations, and analytical strategies and concludes with methods 

used to mitigate methodological challenges and limitations.  

The theoretical framework aligns with the six research questions, highlighting the research's 

significance within the broader academic discussion and providing a foundation for exploring 

AI's application in genealogy. (Table.1) Integrating the research questions within the 

framework allowed a detailed examination of AI integration in genealogy. 

 

 
Table 1 Correlation between the theoretical framework and the research questions. 
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3.1 AI’s Capabilities in Genealogy (Research Questions 1-5) 
 
Research Strategy 
 
A mixed-method approach was adopted to investigate Research Questions 1-5.176 This 

strategy enabled a comprehensive assessment of AI's efficiency, effectiveness, and 

accuracy by integrating qualitative and quantitative data, aligning with Creswell's 

recommendation for studying complex problems by combining statistical information with the 

voices of individuals.177 

 

Inspired by Hörnemalm and Dell’Acqua’s research into ChatGPT in the workplace, a series 

of Capability Analyses (CA) were developed.178 179 These benchmark-style analyses were 

designed to quantitatively assess AI’s efficiency and accuracy while gathering qualitative 

feedback from genealogists on AI’s effectiveness. This convergent approach 

comprehensively explored AI’s benefits and limitations in genealogical research.180 

 

This methodology evaluated AI’s impact on genealogical research through experimentation 

within participants’ real-world work environments for realism and relevance. The approach 

aligned with Creswell’s recommendation that experimentation provided quantitative rigour 

and qualitative depth and Mollick’s observation that 10 hours of experimentation was the 

best way to master generative-AI. 181 182 Additionally, following Rogers’ assertion that early 

adopters serve as educators and advocates, the research strategy encouraged participants 

to embrace this role.183 
 
Data Collection - Design Phase 
 
Ethical Approval: Approval was granted by the CLL Ethics Committee, as living people were 

involved in this research. 

The design phase began with a focus group of experienced genealogists from FHACT’s 

Education team, who identified genealogical tasks for the CAs to ensure real-world 

relevance. Using an independent group prevented bias from my experience, enabling 

objective task selection for evaluating generative-AI’s capabilities.  

 

The tasks chosen represented a wide range of genealogical activities, from simple narratives 

and extraction of information to more complex challenges in analysis and data interpretation. 

Many tasks fell into the categories identified by Little and Mollick, where generative AI 

performs well, such as summarisation, extraction, generation, and translation.184 185 Other 
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tasks, such as creating a family tree, fell into areas Dell’Acqua described as the “jagged 

frontier”. These are areas where generative AI would likely be challenged to produce a 

meaningful response.186  Table.2 provides an overview of the developed CAs; more details 

are available in Appendix.A 

 

 

Table 2 Structure and content of the Capability Analyses. 

 
The CAs were designed to evaluate generative-AI’s ability to perform specific tasks rather 

than assess the genealogist’s performance. As illustrated in Fig.10, the CAs collected data 

on the response from generative-AI and did not collect information on work created by the 

respondents. 
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Figure 10 Example of Capability Analyses. 
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This approach helped ensure the study centred on the effectiveness of generative-AI, and 

eliminated any perception the respondents were being tested. The participants only used 

their work to verify the accuracy and relevance of generative-AI’s output, ensuring an 

unbiased evaluation of its capabilities. 

 

Each CA provided information on: 

• the CA’s objective,  

• the parameters,  

• the evaluation criteria, 

• a list of tasks,  

• test data where needed, 

• the response form for the quantitative questions (Likert scales and time) and 

qualitative questions (Open-ended feedback), and 

• sample prompts. 
 

Data Collection Phase: 

Participants were drawn from FHACT, the only genealogical society in the Australian Capital 

Territory (ACT), with around 600 members. My association with FHACT, its 2023 workshops 

on generative-AI, and culture of community support and ongoing education, made it an ideal 

choice for this research.  

 

A self-selected sample of 21 Society members expressed interest in the study, with 16 

participating in the project briefing session and AI workshop. Non-attendance was attributed 

to work, travel, and health commitments. However, one prospective participant withdrew 

over concerns that AI could perpetuate sexist and racist stereotypes, a relevant 

consideration in the wake of public debates around responsible AI use. 

 

Although more participants might yield more statistically robust results, expecting large 

numbers is unrealistic at this stage of generative-AI technology, which is still in the early 

adoption phase based on Rogers’ Diffusion of  Innovation theory. 187 This phase represents 

2.5-5% of the population, equating to 15-30 participants for FHACT. The study’s sample of 

16 participants, 2.1% of FHACT’s membership, is a realistic sample size for this phase of 

technology adoption. The small size of the test group and my connection to FHACT 

facilitated participant comfort and made the sample group easy to access and manageable.  
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An introductory AI workshop inspired by Dell’Acqua’s findings that proficiency enhances task 

performance prepared participants.188 This step was crucial for familiarising them with AI 

applications, and improved the reliability of findings. Participants received the CAs and had 

one month to evaluate AI’s performance in their typical working environment. They could 

choose the generative-AI model they used for the evaluation. This approach allowed data 

collection in a low-stress, realistic setting with their own equipment.  

 

A preliminary survey collected demographic information and initial AI perceptions of AI, 

contextualising the analysis. A debriefing survey followed the completion of the CAs to 

measure changes in respondent’s perceptions of AI's effectiveness. 
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Demographics of Testing Cohort 
The demographic profile of the testing cohort is important as it provides a backdrop against 

which the data on AI-integrated genealogy workflows can be evaluated and bears 

implications for the research findings. 

 

The testing cohort was representative of many genealogists who, although not paid to 

research, approach their work with a professional mindset. While all genealogists can benefit 

from generative-AI, this group has more autonomy in choosing whether or not to use it, 

unlike professional and academic genealogists whose AI use is often dictated by workplace 

policies. This autonomy enables an unbiased evaluation of generative-AI’s capabilities, 

reflecting genuine choices and experiences of genealogists who can independently decide 

to integrate AI into their workflows. 

 

The preliminary survey revealed that most participants were experienced genealogists, with 

the majority rating their skill level as intermediate or above.  An intermediate level was 

defined as having a solid grasp of genealogical research methods. The cohort included one 

beginner and one professional genealogist. The value of having experienced genealogists is 

significant, as their expertise allows them to better evaluate the accuracy and relevance of 

generative-AI responses, leading to more reliable assessments of the technology’s 

capabilities. Most participants rated their computer skills as intermediate or higher, 

minimising the impact of poor computer skills on the study’s results, ensuring the focus 

remained on evaluating the effectiveness of generative-AI. (Fig.11)  

 

 
Figure 11  Genealogical and computer skill level of the testing cohort. 
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The preliminary survey also revealed that the cohort was between 60 and 80 years old, 

which is representative of many Australian genealogical societies with aging memberships. 

(Fig.12) 

 

 
Figure 12 Age of testing cohort. 

There was a notable enthusiasm for AI integration into genealogical research, with 87% of 

participants expressing enthusiasm, reflecting a positive bias towards technological 

innovation.  This enthusiasm is significant given the cohort's age demographic, challenging 

the stereotype of digitally challenged older adults and strongly suggests they fall into Rogers’ 

innovator/early adapter group.189 

 

Data Analysis 
 
Collected data was analysed using an integrated approach.190 Quantitative data, including 

performance metrics and task completion times, was statistically analysed using Excel and 

OpenAI’s Data Analyst. Tools such as Survey Monkey facilitated the organisation and 

analysis of survey responses, and spreadsheets were used to process and visualise the 

quantitative data. Concurrently, qualitative feedback was thematically examined to provide 

insights into generative-AI's perceived effectiveness and limitations.  Using Creswell’s 

methodology, an inductive coding system identified themes and patterns in the data without 

preconceived categories.191  Data was systematically reviewed, with codes developed based 

on the content, then refined and grouped into broader themes to derive meaningful insights. 

(Fig.13) By merging the qualitative and quantitative results, a comprehensive understanding 

of AI's role in genealogy was achieved, highlighting areas of strength and opportunities for 

improvement.192 
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Figure 13 Example of steps for inductive coding of quantitative data.193 

 

Additional Methodological Considerations for Research Questions 3-5 
 
Ethical Integration of AI into Genealogy Workflows 
RQ.3 What ethical considerations and safeguards should be implemented when using 
AI, and what are the risks associated with not implementing them? 

This question explores the ethical implications of AI in genealogy research through an 

analytical review of existing literature and qualitative and quantitative data. CA6 was 

designed to critically assess AI tools' capacity to navigate and address ethical dilemmas 

inherent in genealogical research. It also examined how AI applications could assist 

genealogists in ethical decision-making processes and how they align with established 

ethical frameworks identified during the literature review phase. 

Preliminary and debriefing surveys captured changes in participants’ ethical concerns 

regarding AI use.  
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The Broader Impact of AI Integration on Genealogy Workflows  
RQ.4. How is AI integrated into current genetic genealogy processes, and what are the 
general benefits and challenges observed? 
RQ.5. How is AI changing the availability, access and use of historical documents?  
 
Given AI’s pivotal role in these fields and the increasing reliance on AI technologies for 

research, CA7 and CA8 were designed to collect information on the broader integration of AI 

into genealogists’ work practices. CA7 investigated the effects of integrating genetic 

genealogy into conventional research strategies and the use of interpretive AI tools provided 

by genealogy companies. CA8 focused on genealogists' search strategies and responses to 

Natural Language searching, aiming to test specific concepts related to genealogists' 

practices, as raised by Lucy.194  
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3.2 The Impact of AI Integration on Genealogists: RQ 6 
RQ.6. How is AI being used to re-interpret historical data to provide new insights for 
genealogical research? 

A different research approach was adopted to evaluate AI’s use to uncover new insights 

from historical datasets and contribute new information on our ancestors’ lives. 

 
Research Strategy 
Using Yin’s methodological framework, a qualitative approach examined three real-world 

projects re-interpreting Australian convict records with AI technologies.195 This approach was 

selected for its strength in enabling in-depth exploration of complex phenomena within their 

real-life contexts.196 The projects covered a range of AI technologies, addressing the 

research question through varied examples of technological application in historical 

research. 

 

Data Collection 
Following Denscombe's advocacy for deep narrative understanding, data was collected 

through interviews with project leaders, supplemented by academic papers and 

presentations.197 Semi-structured interviews allowed for targeted questions related to 

research objectives, such as inquiries about handling data bias, data quality requirements, 

AI's role in data reinterpretation and open-ended discussions to capture a broader 

understanding of each project's challenges and achievements.198 This approach ensured a 

rich data collection, combining experience, theoretical knowledge and practical insights into 

A application in historical and genealogical research. 

 

The projects were selected because of the significance of convict research in Australian 

genealogy, the involvement of genealogists in the projects, and the close relationship 

between the project leaders and the Australian genealogical community. The projects are: 

• Ironclad Sisterhood: A re-examination of an overlooked dataset on female convicts 

held by a genealogical society in New South Wales. 

• Landscapes of Production and Punishment: The re-interpretation of the movements 

and activities of Tasmanian convicts using LiDAR and AI-enabled spatial analysis.  

• Making Crime Pay: The use of AI to manage large datasets of Tasmanian convict 

records, following their experiences from conviction to death. The project also 

developed an AI-enhanced immersive exhibition, Unshackled, to share the convicts' 

stories with the broader community.  
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Data Analysis 
Data analysis proceeded project-by-project, using an inductive coding system to identify 

common themes across interviews. This thematic analysis was enhanced by integrating 

insights from academic and presentation materials, providing a detailed understanding of 

each project’s contribution to genealogical research. Key themes included data bias, the 

ethical use of AI, and the innovative presentation of historical information.  

 

3.3 Limitations and Mitigation Strategies 
While the main research strategies chosen, mixed methods and interviews, are 

comprehensive and robust, like all methodologies, there are inherent limitations and 

potential hurdles. 

 
Sample Representation and Generalisability of Findings: The small testing cohort does 

not represent the broader genealogy population, limiting the finding's generalisability. This 

also applies to project interviews, as the projects may not describe all AI-enabled projects. 

Mitigation: Future studies should widen the participant pool to include younger researchers, 

novices, and professional genealogists for better representativeness and generalisability. 

Broadening the investigation into other AI-enabled projects is also recommended. 

 

Bias in Participant Selection: As the participants self-selected for the study, there is a risk 

of selection bias. Those who are more technologically savvy or have a pre-existing interest 

in AI are likelier to participate, potentially skewing the results.  

Participant Bias: Rogers suggests participants likely fall into the innovator/early adopters 

categories, which are more receptive to new technologies. 199 This predisposition was 

reflected in the participants’ overwhelmingly positive response to AI in the preliminary 

survey, potentially skewing the findings to a more favourable perception of AI’s role in 

genealogy. 

Minimising Biases: The initial biases tied to the early phases of technology adoption and the 

associated technological enthusiasm were challenging to mitigate in the small testing pool. 

As suggested by Creswell, these biases were acknowledged, and over-generalisation was 

carefully avoided in the findings.200 Future studies, as the use of AI in genealogy matures, 

may offer different insights as perceptions and adoption rates change.  

 

Rapid Evolution of AI Technologies: AI is rapidly evolving, with new tools and applications 

emerging continuously. The CAs capture the state of these tools at a specific point in time 

and do not reflect future advancements or limitations, potentially dating the findings.  
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Mitigation: Continual Review: Although the CAs are a snapshot of the technologies available 

in February 2024, an ongoing review of the literature and innovations throughout the 

research ensured that later AI developments were integrated into the dissertation wherever 

possible, ensuring the research remained current. 

 

By acknowledging and mitigating these limitations, this study provided accurate, 

representative, and timely insights into AI’s use in genealogy. Future research will benefit 

from this learning, potentially offering a deeper understanding of the field as it evolves. 

 
3.4 Methodology Conclusion 
This chapter has outlined the research’s methodological approach, aligning the mixed 

methods strategy with the research questions. Qualitative and quantitative analyses 

thoroughly investigated AI used in genealogy to empower genealogists.  The empirical data 

will help fill knowledge gaps, address real-world challenges and contribute to a meaningful 

understanding of AI's role in this evolving field. The analysis of the results will be discussed 

in the next chapter. 
 
  



BOLLARD.Cheryl_MScDiss_draft 
 46 21/04/24 
 

Chapter 4 – Empirical Findings: Description, Analysis & 
Synthesis 
 

This chapter uses the theoretical framework to explore the findings for each research 

question. (Table.3) Each section begins with a data overview, followed by empirical findings 

and a comparison with the literature review insights. Within each question, the ongoing 

analysis builds on the results, enhancing the understanding of the broader implications of the 

data. Chapter 5 will provide a comprehensive conclusion, with a summative reflection on all 

research questions and outlining the study’s insights. 

 

 
Table 3 Mapping of research questions to the theoretical framework. 
4.1 Generative-AI’s Capabilities in Genealogy 

Research Question 1 (RQ1): What are the benefits and limitations of 
generative-AI for genealogy purposes? 
Research Question 2 (RQ2): How can generative-AI be used in genealogy, how 
effective and efficient is it, and how aware are genealogists of these tools? 
 

Generative AI, particularly LLMs, is a powerful yet user-friendly tool accessible to anyone 

proficient in reading and writing.201 To understand its capability for genealogical activities, 

CA1-8 collected qualitative and quantitative data. This section analyses RQ1 and RQ2 

concurrently, beginning with the uses of generative-AI, then examining its benefits and 

limitations, and providing insights into its effectiveness for genealogy research.  
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Framework and Scope of Assessment 
1. This study focused on free generative-AI capabilities to minimise any cost to the testing 

cohort. Due to subscription requirements, text-to-image tools like DALL-E.3 or 

Midjourney and Transkribus, a handwriting analysis tool, were not tested as part of the 

CAs. 
 

2. The respondents used various generative-AI models for CA evaluation. ChatGPT-3.5 

was the most popular among the free options due to its performance and higher security 

levels.202 Some chose ChatGPT-4 for its advanced features, better performance and 

lower hallucination rate.203 Others switched between platforms to achieve optimal results. 

This variety in model usage highlights the individual needs and preferences of 

genealogists. (Table.4) 
 

 

Table 4 Use of Generative-AI platforms for CA evaluation. 

 
3. Since data collection, generative-AI capabilities have evolved. For example, in February 

2024, only ChatGPT-4 allowed document uploads for analysis. By May 2024, these 

features were extended to free users with the release of  ChatGPT-4o, marking a 

significant improvement in accessibility.204 
  

4. Generative-AI is not a search engine nor a substitute for traditional databases, although 

some models can access the internet. Its primary function remains generating content 

based on learned patterns from the training data, not retrieving information from the 

internet.  While it can suggest theories or narratives based on existing data, it cannot 

directly answer specific queries with new information. For example, searching for a birth 

record may result in plausible but fictitious information.  
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Uses of Generative-AI in Genealogy     

Genealogy, as highlighted by Duff,  is inherently complex and diverse.205 This complexity is 

reflected in the varied goals of the testing cohort, highlighting the need for AI tools to be 

versatile and robust to address this diversity. (Fig.14) 

 

 
Figure 14 The testing cohort’s diverse genealogical objectives. 

 

To meet these varied needs, generative-AI must be able to organise, interpret and extract 

insights from data.206 Using Little’s categories as a framework, the CAs evaluated how 

generative-AI integrated into genealogical workflows.207 These categories were used to 

discuss the research findings and provide an evaluation of the findings. (Table.5) Appendix B 

contains the raw results from the CAs, while Appendix C contains the processed data 

extracted from the CAs. 

 
Table 5 Overview of generative-AI tasks by category. 
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Summarising 
Analysis of summarising results revealed respondents were impressed with Generative-AI’s 

ability to accurately condense large texts into concise summaries, resulting in a high degree 

of usefulness (mean 3.9/5). (Figs.15-16) 

 

 

Figure 15 Evaluation of CA5.2 summarisation task. 
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Figure 16 AI-generated summary of Coe ARNOLD’s will. (Transcript in Appendix A CA5) 208 209 
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Generative-AI’s summarisation ability offers significant speed benefits. For example, CA5.2b 

summarised a multi-page will in 0.88 minutes (mean). Including the additional 5 minutes 

(mean) required for validation, generative-AI proved significantly faster than the mean 

human time of 26 minutes. (Fig.17) Qualitative feedback highlighted the importance of 

validating results to ensure accuracy. These time savings were consistent across all tasks. 

 

 

Figure 17 Comparison of the time taken for generative-AI and manual summary. 

Efficiently summarising large amounts of unstructured data is helpful for many genealogical 

research activities like summarising reports and articles, consolidating land records or 

creating research summaries. 
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Extraction 

Generative-AI’s information extraction capabilities were tested on various unstructured texts, 

including an obituary, a foreign birth record and a will. It achieved a mean accuracy score of 

4/5 across four tasks, reliably identifying and extracting information swiftly and accurately. 

(Fig.18)   

 

 
Figure 18 Evaluation of extraction accuracy. 
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The mean time taken for CA5.3.2, the most detailed extraction task, was 1.56 min plus 5.4 

minutes for validation, a substantial timesaving compared to the 22 minutes (mean) for 

manual extraction. (Table.6) 

 

 
Table 6 Comparison times for CA5.2.3 - Extraction 

 

This is particularly useful when information needs to be extracted in multiple ways, e.g. by 

property as well as person.  See Fig19 for an extraction example. 

 



BOLLARD.Cheryl_MScDiss_draft 
 54 21/04/24 
 

 
Figure 19 Excerpts illustrating AI extraction of information from Coe ARNOLD's will. (Transcript in Appendix A CA5). 210 211 212 
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Translation 
Generative-AI can translate many languages, helping make foreign archival records 

accessible. It can also rephrase archaic texts into contemporary language, enabling quick 

assessments of documents for value and relevance. The analysis revealed the generative-AI 

translation delivered contextually accurate, valid translations for CA3.2 and CA5.2. The 

efficiency rating for the tasks was high, 4.6/5, making this feature a valuable addition to the 

research toolbox. (Fig.20) 

 

 
Figure 20 Evaluation of translation tasks. 
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Fig. 21 compares a verified human translation of the CA3 Netherlands birth record with the 

generative-AI version. While the layouts differ, the generative-AI version captured all the 

names, dates and places, allowing genealogists to extract the relevant information quickly 

(mean time 103 seconds). However, Hoitink advises that translations, notably less common 

languages, should be treated cautiously, as generative-AI can produce plausible but 

inaccurate information. 213  A human translator is still the best option if 100% accuracy is 

required. 

 



BOLLARD.Cheryl_MScDiss_draft 
 57 21/04/24 
 

 
Figure 21 Comparison of FamilySearch manual translation with generative-AI translation. 214 215 216 
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Generation 
AI's generation of narrative content from existing data is highly useful. It can create narrative 

reports from lists of names, dates and relationships or timelines, brainstorm ideas for 

presentations, suggest alternative spellings of surnames, or provide context. (Fig.22) 

However, the accuracy and quality of the generated texts depend on the quality of the 

prompt and information provided, emphasising the need for careful verification. 217 218 

Appendix D has more information on prompt creation. 

 

 
Figure 22 Example of AI-generated narrative from an obituary – CA2.3. 219 220 
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Evaluation of generation tasks across a range of CAs revealed respondents found 

generative-AI’s performance in these styles of task to be very accurate, efficient and useful. 

(Fig.23). Their feedback illustrated the benefits of generative-AI as a collaborative tool to 

augment their skills, provide different perspectives on data and create valuable narratives.  

 

 
Figure 23 Evaluation of generation tasks. 
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Awareness of Generative-AI for Genealogy Research 
Although the cohort had expertise in genealogy and computer skills, the preliminary survey 

revealed that, like many genealogists, they had a limited engagement with AI overall and 

even less experience with generative-AI before participating in this research. (Fig.24) 

  

 
Figure 24 Preliminary Survey results on prior use of AI for genealogy workflows. 

 
However, anecdotal evidence shows that genealogists are increasingly adopting generative 

AI for their research, albeit cautiously, due to its limitations. Evidence of this trend includes 

the growing membership of the Genealogy and Artificial Intelligence Facebook group (6.7K 

in April 2024 and 7K in June 2024), an increase in generative-AI presentations at RootsTech 

from 2023 to 2024, and a Top 10 ranking for generative-AI presentations by Leeds and 

McEntee among Legacy webinars in March 2024.221 222 223   

 

This growing integration of generative-AI into genealogy workflows aligns with Rogers’ 

theory, which posits that adopting new technologies follows a predictable pattern with more 

community members using it over time.224 
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Benefits of Generative-AI in Genealogy 

Genealogy relies on factual integrity and accuracy achieved through careful analysis of 

records. Generative AI, known for its word-centric algorithms and a tendency to hallucinate, 

might appear ill-suited to such a precise field.  However, analysis of the CA data and the 

debriefing survey revealed 73% of the testing cohort found generative-AI valuable for 

enhancing the accuracy and depth of their research. (Table.7) 

  
Table 7 Sample of qualitative feedback illustrating the positive impact of generative AI. 

.
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Figure 25 Quantitative analysis of generative AI’s performance across all task categories. 
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The accuracy, efficiency, usefulness and overall effectiveness of generative-AI across all the 

CA tasks are demonstrated in Fig.25 It reveals that with proper oversight, generative-AI 

significantly enhances genealogical research.  

 

High effectiveness scores in Data Extraction and Providing Context illustrate that generative-

AI is highly capable of managing genealogical data, extracting relevant information with a 

precision comparable to manual methods and providing context to assist accurate data 

interpretation.  Tasks like Translation, Summarising Information, and Research Planning 

demonstrate AI’s assistance in translating documents, distilling records into summaries and 

strategising research approaches. These findings highlight generative-AI’s ability to 

augment, not replace, genealogists’ skills. These findings are consistent with Dell’Acqua and 

Hörnemalm’s research, which shows that performance can improve up to 43% when 

ChatGPT is used collaboratively.225 226 

 

Potential relationships between Accuracy, Efficiency and Usefulness were determined using 

Pearson’s Correlation Coefficient (r), which measures the strength and direction of a linear 

relationship between two variables. 227  A rating of 0 indicates no relationship, 1 indicates a 

strong positive relationship, and -1 indicates a strong negative relationship. The analysis 

revealed a strong positive relationship between the accuracy, efficiency, and usefulness of 

generative-AI, showing the more accurate the AI-generated data, the more efficient and 

valuable it becomes for genealogists. (Table.8). These correlations reflect a generally 

favourable view of AI’s capabilities for genealogy research, emphasising the practical 

benefits it can offer. 

 

 
Table 8 Relationship between accuracy, efficiency and usefulness. 

. 

The Effectiveness scores also indicate that the cohort used generative-AI in ways that 

capitalised on its strengths, while the high Efficiency scores demonstrated that AI expedites 

time-consuming aspects of data management, as illustrated earlier in Fig.25. The Accuracy 

results indicate the respondents’ genealogy expertise was used to evaluate AI-generated 

results, minimising inaccuracies. These results indicate the respondents used  AI as a 

powerful tool, not a standalone solution.  
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These findings align with literature review insights, suggesting that if generative-AI’s 

challenges are recognised and managed, its application in genealogy can be highly 

beneficial.228 229 

 

Limitations of Generative AI in Genealogy 
Emerging technologies like generative-AI pose risks as they have uncertain and wide-

ranging capabilities that change at an exponential rate, necessitating a cautious approach to 

their use in genealogy.230 231 232 233 The findings confirm these insights, revealing that while 

generative-AI is capable, it is not always the optimal tool for every task. (Table.9) This aligns 

with Mollick and Dell’Acqua’s concept of a “jagged frontier”, which illustrates the uneven 

advancement of AI capabilities across different tasks.234 235 

 
Table 9 Sample of qualitative feedback illustrating some of generative-AI's limitations. 

The primary concern is generative-AI’s hallucinations, with 81.8% of respondents in the 

debriefing survey worried about introducing errors into their research. Prompt creation 

strategies advocated by Little and Mollik significantly reduce hallucinations but are not 

foolproof.236 237  Appendix.D includes examples of narratives created with and without their 

prompt engineering recommendations. While seemingly credible, AI's confident and 

articulate responses can be misleading. Genealogists may struggle to distinguish between 

factual information and AI-generated fabrications, increasing the burden of verification. 

Respondent feedback indicated that the verification process is tedious but critical in deciding 

whether to utilise generative-AI.(Table.10)  
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Table 10 A sample of qualitative responses illustrating the tedious nature of verification. 

The findings also revealed limitations in generative-AI’s performance for some complex 

tasks like CA5.3.2. (Fig.26) Although mean scores were high, indicating a positive 

perception of generative-AI’s capabilities, analysis revealed individual scores varied 

significantly, reflecting respondents’ differing opinions on performance.  

  

 
Figure 26 Analysis of the results for CA6.3.2 illustrating the high variability of responses. 
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Analysing the quantitative scores using a box and whisker plot reveals the spread and 

central tendency of the data, highlighting areas of agreement and disagreement among 

respondents. 

1. Median Score: The median score in each category (X) is approximately 4, indicating 

that half the respondents rated generative-AI’s performance above this level. 

2. Interquartile Range (IQR): In the first three categories, the IQR of scores is between 

4-5. This range, shown by the box’s bottom and top, represents the middle 50% of 

responses, indicating a consensus in these categories 

3. Whiskers: The whiskers of the plot for these categories extend from 3-5, covering the 

10th-90th percentiles, indicating the majority of respondents rated generative-AI’s 

performance between these values with a few outliers (dots) outside this range. 

This clustering of scores within a narrow range suggests close agreement on generative-AI’s 

performance in most areas. However, the Usefulness category shows greater variation, with 

scores spreading more widely. This suggests mixed experiences, as some respondents 

found generative-AI very useful, while others rated it much lower, reflecting different 

expectations or experiences. This is consistent with comments in the qualitative data. 

(Fig.27) 

 

 
Figure 27 Box and Whisker chart showing the distribution of scores for CA5.3.2. 

 
The greater variation in the Usefulness category can be attributed to its subjective nature. 

Individual perceptions of usefulness are influenced by personal familiarity with the task and 

prior experience with generative-AI, leading to diverse evaluations. As discussed earlier, 

there is also a strong correlation between the other categories and Usefulness (r ranges 
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from 0.87 to 0.88), with a weaker result in one of the other areas impacting the perceived 

usefulness of the result.  

 

The presence of outliers indicates some respondents rated these metrics significantly lower 

than the majority. This could be because experienced individuals may find it more efficient to 

perform tasks without AI assistance or a lack of knowledge in a particular area, making it 

difficult to verify a response, as suggested by the beginner-level genealogist scores.238 

(Table.11)  

 

Table 11 Beginner-level scores for CA5.3.2. 

However, the statistical correlation between genealogy skill levels and task scores was very 

weak (r =0.014), suggesting skill level did not significantly impact evaluations. The small 

sample size (n=11) limits this analysis, making it challenging to detect significant 

relationships. Further investigation with a larger dataset would be needed for a more robust 

conclusion.  

 

Generative AI’s non-deterministic nature also introduces a level of unpredictability, with 

identical queries yielding different responses at different times. This unpredictability could 

limit the use of generative-AI in genealogical research, where data reliability is essential. All 

generative-AI content must be carefully assessed and interpreted to ensure its accuracy. 

However, genealogists are accustomed to dealing with inaccurate data, and the qualitative 

data indicated that the verification process did not significantly detract from its usefulness. 

 

The qualitative data mentioned earlier in Fig.26, also indicated the quality of prompts heavily 

influences the effectiveness of generative-AI. Respondents noticed that well-crafted prompts 

were crucial for accurate and complete responses, efficient data extraction, and overall 

usefulness. Expertise in a skill enables the creation of more contextually appropriate 

prompts, enhancing response quality as well as better evaluation of output.239  240 While 

crafting effective prompts can be time-consuming, their value increases with repeated tasks, 

as prompts can be refined and reused for consistent results. This analysis highlights the 

need for further exploration into specific aspects of prompt creation to enhance the 

effectiveness and user satisfaction of generative-AI. 
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Complex tasks involving ambiguous data also posed significant challenges for generative-AI. 

These “jagged frontier” tasks, often cause the AI to generate inaccurate information. 241  For 

example, CA5.5 required generative-AI to construct a family tree based on a will, a common 

but complex genealogical task. 

 

 Current AI systems struggle with this task due to their limited understanding of genealogical 

relationships.  The results show generative-AI performed poorly for Completeness, 

Usefulness and Efficiency, although some respondents felt the family tree might be useful. 

(Fig.28) Figure.29 showcases examples of the AI's responses and illustrates the 

performance difference between ChatGPT-3.5 and the newer ChatGPT-4o. The marked 

improvement within three months strongly suggests that generative AI’s capabilities in this 

area will continue to advance. 

 

 
Figure 28 Analysis of generative-AI's performance in “jagged frontier”  tasks. 
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Figure 29 Illustration of generative-AI ability to create a family tree. 242 243 244 245  
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Other Considerations 
An important consideration in the adoption of new technology is ensuring a supportive 

environment for users, particularly in the early phases of integration into workflows. The 

withdrawal of two participants after the introductory workshop, despite their high levels of 

interest indicated in the preliminary survey, suggests they were not ready to adopt the 

technology at this early stage. This aligns with Rogers’ theory on the innovator/early adopter 

phases of innovation adoption.246 As recommended in Lucy’s research, the introduction of 

generative-AI tools should be accompanied by peer-support measures tailored to the 

different adopter categories to facilitate a smooth transition. 247 Additionally, there are 

significant ethical concerns surrounding the use of generative-AI, which will be explored in 

section 4.2. 

 
Conclusion 

In keeping with the insights from the literature review, the analysis of the findings revealed 

that despite the limitations, generative AI can be effectively used for genealogy research, 

improving the speed and efficiency of many common activities. The best results were 

achieved when the respondents worked collaboratively with generative-AI, using its abilities 

to supplement their own skills. Although generative-AI’s responses require validation, this is 

no different to any other genealogical source, and researchers can capitalise on  AI’s 

capabilities while maintaining the accuracy and integrity of their genealogical inquiries. 
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4.2 The Ethical Considerations of AI in Genealogy: 
 
RQ 3: What ethical considerations and safeguards are needed when using AI, 
and what risks arise from not implementing them? 
 

The literature review revealed that integrating generative-AI technologies into genealogy 

research presents critical ethical challenges.248 249 250 Some of these challenges are being 

addressed at a global level; however, others need to be addressed by the genealogical 

community.251 252 253 CA6 collected information on ethical concerns, ethical guidelines for AI 

use, and AI’s ability to resolve ethical questions. This section merges insights from CA6 data 

with literature review findings to outline guidelines for the ethical integration of AI into 

genealogy. 

 
Key Ethical Considerations. 
Analysis of CA6 identified key ethical concerns from respondents regarding the use of AI, 

including data accuracy, the need for consent and robust privacy measures, the potential for 

bias and discrimination, and the importance of transparent sourcing. (Fig.30) These 

concerns align with those identified in the literature review, emphasising their universal 

relevance across various fields, not just genealogy.254 255 256 

 

 
Figure 30 Ethical concerns identified by testing cohort. 
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There was a significant change in the respondents’ ethical concerns about AI in genealogy 

over time. The rise in concern during CA6 (midway through data gathering), followed by a 

significant decrease at the end, highlights a peak in concerns that diminishes but doesn’t 

return to preliminary levels by the end of the study. (Fig.31)   

 

 
Figure 31 Evaluation of respondents' concern on the use of AI-assisted genealogy. 

 

No statistically significant correlation was found between the level of uncertainty about 

ethical considerations in the preliminary and debriefing surveys and the concerns measured 

in CA6. The limited sample size suggests that any observed correlations should be 

interpreted with caution and that larger sample sizes are needed for more definitive 

conclusions. 

  

Possible explanations for the observed differences include increased familiarity with 

generative-AI, leading to higher concern levels that diminished as respondents became 

more comfortable with the technology. Rogers’ innovation-decision process can be used to 

understand these variations as part of the natural adoption process.257 (Fig.32)  

 

 
Figure 32  Application of Rogers’ Innovation-Decision Process. 258 
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While subtle differences in question-wording, such as “automation” versus “AI”, might have 

influenced responses, external factors, like increased awareness of ethical issues due to 

media reports or CA6’s detailed ethics discussion, could also play a role. Further 

investigation with more precisely worded questions and a larger sample size is needed to 

accurately pinpoint the factors contributing to these differences.  

 

Existing Genealogy Standards 
Current genealogy standards emphasise the importance of verifiable, well-sourced, and 

unbiased data for accurate, valid research.259 260 261 However, while a majority of 

respondents believe the standards proved an effective framework for using AI, opinions are 

notably divided. (Fig.33) There is no significant statistical relationship between the 

respondents' skill levels and their scores (r =0.37). The variation may stem from varied 

expectations and personal standards of adequate ethical guidance. This finding suggests 

there are areas where the standards need updating, as advocated by Bettinger.262 263 

Further research is needed to explore how the standards can be improved to better support 

ethical AI-assisted genealogy. 

 

                
Figure 33 Evaluation of applicability of existing genealogical standards. 
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Developing and Evaluating Better Frameworks 
Respondents also evaluated a set of ethical guidelines created by generative-AI. The 

suggested guidelines align with existing standards but are more applicable to AI-assisted 

genealogy. (Table.12). These guidelines received high relevance (mean 4.5/5) and 

effectiveness ratings (mean 4.2/5), suggesting they provide a robust framework for ethical AI 

integration. Appendix.E contains the AI-generated framework. 

 

 

Table 12 Outline of AI-generated framework for ethical AI-assisted research.264 

 

Respondents viewed AI as a tool complementing traditional methods, focusing on 

transparency and detailed documentation. Echoing literature review insights, they 

recommend treating AI outputs with a proactive but cautious approach, emphasising 

verification, human oversight and ethical standards.265 266 267  Other suggestions included 

developing specific business or personal AI policies and addressing ethical concerns such 

as privacy and copyright. Their recommendations balance technological advancement with 

the integrity of genealogical research. (Fig.34)  
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Figure 34 Ethical integration framework suggested by testing cohort. 
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Continuing Education 
In alignment with the literature review, the analysis indicated continuing education is crucial 

for addressing and mitigating ethical concerns, ensuring genealogists remain well-informed 

about latest technologies, ethical standards and best practices. 268 269  (Fig.35) These 

measures help prevent AI misuse, keeping research accurate, respectful, and legally 

compliant.  

 

 
Figure 35 Respondents’ recommendations for implementing ethical AI-assisted research. 
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Reflecting Mollick’s observation of students using AI as a sounding board, CA6 evaluated 

generative-AI using two ethical scenarios to assess its ability to identify potential conflicts 

and suggest solutions.270 Results showed that AI was very effective in recognising issues 

and offering valuable advice. (Fig.36) Generative-AI’s ability to explore ethical problems from 

multiple perspectives in a non-judgmental setting is promising for genealogists and warrants 

further research.  
 

 
Figure 36 Evaluation of generative-AI as an assistant in resolving ethical questions. 

 
Risks of Inadequate Safeguards in AI-Enabled Genealogy 
Neglecting ethical safeguards in AI-integrated genealogy can undermine the field’s integrity 

and accuracy. Existing risks, like family trees built on poor research, are compounded by the 

speed and ease of AI-enhanced record-matching suggestions. This often leads to the 

acceptance of unverified data by inexperienced genealogists. Human expertise remains 

indispensable for interpreting historical data. Dell'Acqua cautions against an over-reliance on 

technology, which can spread misinformation and inaccuracies.271 272 Such oversights can 

misguide researchers, distort family trees, and erode trust.  Additional risks include privacy 

violations, bias reinforcement, and intellectual property infringement, which compromise 

genealogical research standards. 
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Conclusion 

The analysis suggests AI can be ethically integrated into genealogical research by 

establishing clear guidelines for AI technologies, continuously monitoring and evaluating AI 

tools and fostering a culture of accuracy, privacy, and respect in genealogy communities. 

Mollick emphasises that today’s choices about AI’s alignment with human values and its 

potential to enhance human capabilities will have long-lasting impacts.273 These issues 

require genealogists to take an active role in shaping the integration of AI into genealogy, a 

process that should begin now. 

  



BOLLARD.Cheryl_MScDiss_draft 
 79 21/04/24 
 

4.3 The Impact of AI Integration on Genealogy: 

RQ 4: How is AI integrated into current genetic genealogy processes, and what 
are the benefits and challenges? 
 
The literature review revealed that AI technologies, including machine learning and data 

analysis, are integrated into every part of genetic genealogy processes, from sample 

collection to the final analysis by genealogists.274  The AI inherent in genetic genealogy 

means that by integrating DNA into traditional workflows, AI is already part of genealogy 

research. CA7 data on the capabilities and impacts of genetic genealogy from the end user’s 

perspective revealed genetic genealogy is an important complementary tool. This section 

blends empirical findings with analysis from literature review insights, highlighting DNA data 

management, AI-driven DNA analysis tools, and the broader implications for genealogy.  

Standard genetic genealogy terms are explained in the glossary. 

 

Prevalence of DNA Testing 
Analysis indicates that 82% of the testers have taken a DNA test. Of these, 78% have taken 

multiple test types or have data on multiple testing sites, showing high engagement with 

genetic genealogy. Reasons for not taking a test include concerns about privacy and data 

security, aligning with the literature.275 (Fig.37).  

 
Figure 37 The prevalence of DNA testing amongst respondents. 
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Integration of DNA Results into Traditional Research  
The data reveals DNA testing has varied impacts on genealogy research methods. (Fig.38) 

While some respondents report no significant change in their research approach, others 

highlight DNA as a valuable tool in their research toolkit. This mixed response suggests that 

integrating DNA analysis into genealogy has benefits but may require more education or 

tools to be fully utilised by all genealogists.  
 

 
Figure 38 Results of integration of genetic and traditional genealogy methods. 
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The role of AI tools is central to this integration, facilitating the interpretation and 

incorporation of genetic data into family histories. The DNA analysis sites constantly provide 

new AI-enhanced tools to help genealogists analyse their results. 276 277 Fig.39 details the 

usage of DNA tools.  

 

 
Figure 39 Frequency and usage of DNA AI tools. 

 

The findings indicate that although there are powerful tools for interpreting genetic data, 

many respondents do not use these tools regularly, including fundamental ones like shared 

matches and cM explainers. There was a weak negative correlation between the use of DNA 

tools and computer skill level (r =-0.05) and a moderate one between genealogy skills (r =-

0.63), meaning more experienced genealogists used the tools less frequently.278  While this 

finding may indicate a trend, the small sample size limits the robustness of this analysis. An 

oversight during CA6 development meant respondents’ genetic genealogy skill level was not 

collected. This would give better insights into any relationship and should be included in 

future research. 
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Several factors contribute to the underutilisation of DNA tools despite their potential: 

1. Complexity and Learning Curve: Many sophisticated tools require expertise to be 

used effectively. The lower usage rates may result from the tools being intimidating or 

difficult to understand.279 

2. Frequency of Necessity: Tools like Genetic Communities or Autoclusters are 

designed for specific analyses that are unnecessary in everyday workflows. This 

inherent infrequency could contribute to the lower usage rates. 280 281   

3. Lack of Knowledge: Unawareness of the benefits or functions of these tools means 

they are being underutilised. This highlights the importance of educational programs 

and resources to bridge this knowledge gap. 

4. Perceived Complexity vs. Benefit: There may be a perception that the effort required 

to learn and use these tools outweighs their benefits, deterring genealogists from 

adopting more advanced tools. 

 As AI-enabled DNA analysis tools become increasingly sophisticated, it is essential to 

address these challenges to ensure genealogists can fully leverage their potential. 

Predictions suggest the development of a DNA triangulation tool that will rapidly determine 

relationships between family trees within the next five years.282 Although this would benefit 

genealogical research, poor use of the tool could exacerbate inaccurate research. Education 

programs and resources would help ensure genealogists can integrate these advanced 

technologies more effectively. 

 

Benefits of AI-enhanced Genetic Genealogy 
The results indicated that 33% of the respondents reported no benefit of DNA testing for 

their genealogical research. The other 64% reported DNA testing confirmed existing paper 

trails, enabled the discovery of new family connections, and corrected previous inaccuracies 

in family trees. (Fig.40) These findings are consistent with the benefits of DNA testing in the 

literature and support Stallard’s claims that the objective nature of DNA makes it a uniquely 

reliable source of verification.283 284 285 These results emphasise AI’s potential to augment 

traditional genealogical research with genetic information. 
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Figure 40 Results showing benefits of DNA testing. 

The analysis also highlighted differences in the effectiveness and offerings of various DNA 

testing sites. 55.5% of respondents mentioned Ancestry as providing more matches due to 

its large testing pool and features, supporting Hanacek’s claims that the AI algorithms and 

databases used by different companies can significantly impact the user experience and 

research outcomes.286  
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Ethnicity Admixture Estimates 
Although ethnicity admixture is widely advertised as the main reason for taking a DNA test, 

55.4% agreed with Holton and Stankus’ assertions that its use for genealogy research is of 

limited benefit and results must be treated cautiously.287 288 Interestingly, the four 

respondents who found it valuable had non-British ethnicities in their admixture. (Table.13) 

 

 
Table 13 Use of ethnic admixture results 
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Challenges of AI-enhanced Genetic Genealogy 
The main concerns raised regarding AI-enabled genetic genealogy are consistent with 

issues of privacy, ethical use, and discrimination documented in the literature.289 290 291 

(Fig.41) The respondents’ acknowledgement that AI tools should be combined with human 

expertise and validated outcomes for accuracy is consistent with the principles outlined in 

the Genetic Genealogy Standards and the ISOGG Code of Practice.292 293 

 

 
Figure 41 Evaluation of concerns about the use of AI in genetic genealogy. 

 
Conclusion 

These results indicate that AI already plays a significant role in genetic genealogy, with the 

potential for greater impact as technology evolves. Key benefits include increased efficiency 

and accuracy in data analysis and interpretation. At the same time, challenges involve 

ethical use, data privacy, and the ongoing need for human expertise to guide and 

contextualise AI's insights. The results also emphasise the importance of continuing 

education and tool development to maximise the benefits of genetic genealogy.  
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RQ 5: How is AI changing the availability, access and use of historical 
documents? 
 
The literature review showed integrating AI technologies in libraries, archives, and 

genealogical platforms enhances genealogists’ ability to rapidly search large datasets and 

connect information across multiple records.294 295 CA8 collected data on the impact of this 

technological change on genealogists’ research methods. This section investigates how AI 

technology empowers genealogical research by blending CA8 results, design-phase 

evidence and literature review insights.  

 

Increasing Historical Document Availability 
Genealogy websites use AI to digitise billions of records annually, consistently expanding 

documents accessible to genealogists.296 Now, AI handwriting text recognition algorithms 

(HTR) are accelerating the availability of these records for genealogical research.297  

 

Although high-quality HTR systems are costly, complex and mainly limited to large 

organisations, consumer-accessible AI tools can be used for handwriting transcription.298 For 

instance, the project’s design-phase focus group demonstrated transcribing a three-page 

handwritten court indictment using common AI tools in under seven minutes, a task 

estimated to manually take at least a day. (Fig.42) Although this process is imperfect and 

required experience in using AI, subscriptions to Transkribus and ChatGPT4, and human 

curation to produce valuable results, it highlights AI’s potential for this task.  Consumer-

accessible HRT systems are rapidly improving, and experts predict that generative-AI will 

significantly enhance HRT capabilities within the next five years.299 
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Figure 42 The stages of converting handwriting to text using consumer-level AI. 
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Searching Records in New Ways 
As more digitised resources become available, the limitations of traditional searching 

methods become apparent. 300 Just as computer indexing replaced card catalogues, AI-

enabled full-text searching and Natural Language (NL) searching will explore entire 

documents rather than prescribed fields.301 This shift empowers genealogists to uncover 

connections and insights previously hidden in unindexed records.  

 

Currently, NL searching of genealogy records is only available at MyHeritage, while full-text 

searching is in beta mode at FamilySearch Labs.302 303 Only NL searching was tested in 

CA8, as full-text searching became available in March 2024 after data collection was 

finished.  

 

Analysis of CA8 findings showed while respondents found  NL searching using a chatbot 

intuitive and relevant, qualitative comments revealed some dissatisfaction with the app. 

(Figs.43-44) This discrepancy highlights the importance of considering both quantitative and 

qualitative data for a comprehensive understanding of user experiences.304 
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Figure 43 Example of a MyHeritage Natural Language search.305
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Figure 44 Evaluation of MyHeritage AI Record Finder. 

Respondents rated features like intuitiveness and relevancy highly based on app 

functionality. However, scores for essential features like searching a wide range of records 

and advanced search filtering were low, and the chatbot did not offer any benefits compared 

to traditional search interfaces.  Qualitative feedback allows respondents to provide valuable 

insights into areas needing improvement and express their thoughts in detail, including 
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frustrations or specific issues, like the small character window. 306This detailed feedback can 

lead to more nuanced observations than quantitative ratings alone.  

 

Many of the issues users identified are most likely caused by NL searching being an 

emerging technology. As it matures, the character window should increase, enhancing 

search capabilities. The app’s performance was influenced by the chatbot’s processing 

power and the limited datasets in the beta version, explaining the limited record returns. 

Improvements in these areas should lead to better performance and more accurate results. 

User feedback helps tune the training data of NLP systems, refining and optimising AI's 

performance.307 The search comprehensiveness and accuracy will improve as the system 

expands to include more record collections and learns from user-feedback. 

 

FamilySearch full-text searching is also currently limited to a few record collections. 

Facebook feedback is generally favourable; hopefully, this interface will be rolled out to more 

record collections.308 Future research could reevaluate these findings after the technology is 

more widespread, offering new insights into these new AI-enabled search methods. 

 
Locating and Accessing records 
CA8 gathered data on respondents’ strategies for locating a UK birth record based on 

information in related documents. Analysis revealed all respondents started with online 

research, a significant shift in genealogical research methods, which aligns with Lucy’s 

research.309 Online databases’ convenience and accessibility facilitate this change. AI 

technologies embedded in genealogy websites enhance this experience with sophisticated 

record linkage and filtering capabilities, expediting the research process and revealing 

connections otherwise difficult to find.310 Features genealogists take for granted, like record 

hints and related records, rely on machine learning and neural networks, which analyse 

large amounts of data to find potential matches, suggest records and identify patterns that 

might not be immediately obvious to human researchers.311 Genealogists can improve these 

features by providing feedback on inapplicable record suggestions, helping systems to learn 

and select more relevant documents.  

 

 

 

  



BOLLARD.Cheryl_MScDiss_draft 
 92 21/04/24 
 

 

Analysis revealed search strategies varied by genealogical skill, with the beginner struggling 

with the task, while expert genealogists used a broader range of records, including non-

digitised resources. This suggests expert genealogists better understand digital databases’ 

limitations and the value of diverse sources. (Fig.45). 

 

 
Figure 45 Search strategies used by respondents to find a UK birth record. 

 
Generative-AI can help minimise these differences by creating research plans or strategies 

to learn new research skills. (Fig.46) These findings align with Duff’s conclusions on 

genealogical research’s depth and complexity.312 313  
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Figure 46 Example of an AI-generated research plan to locate a UK birth record (CA8.2) 314 
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Respondents rated the relevance of AI-created plans highly, with an average score of 4.2/5. 

The depth of suggested records received a strong score of 4.4/5, indicating substantial 

thoroughness. (Fig.47) 

 

 
Figure 47 Evaluation of AI-generated research plans.  
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The findings support Lucy’s observations on technology’s significant role in transforming 

genealogical research. 315  Both studies noted a shift from traditional research methods 

involving physical archive visits to digital and AI-enhanced research, allowing for more 

efficient and expansive research, particularly for non-local records. The findings also support 

Lucy’s comment that genealogists will use any method or technology available to access a 

record.316 (Table.14)  

 

 
Table 14 Heatmap showing respondents’ options if a record was unavailable online. 

. 

Limitations - Biases 
While the shift towards digital methodologies offers significant advantages, it has limitations. 

The literature review suggests digital collections often have biases towards mainstream 

research interests.317 318 319   Qualitative analysis revealed respondents' perceived bias in 

online genealogical databases, particularly regarding record availability and source and 

potential biases by larger genealogical companies towards English-speaking regions. 

(Fig.48) These insights highlight the importance of Milligan's advocacy for better education 

on digital search methodologies to help users understand the subtle biases shaping digital 

archives.320 
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Figure 48 Evaluation of bias in online research. 

  

Conclusion 

The analysis indicates AI technologies are impacting genealogists’ research methods, 

empowering them with better access to historical documents than traditional methods. The 

findings support the literature insights emphasising the effectiveness of AI technology in 

making new material available, improving document accessibility and making it easier to find 

elusive records. This impact will continue as AI technologies develop to handle the ever-

increasing volume of digitised documents, stressing the importance of ongoing education in 

working with digital methodologies. 
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RQ6: How is AI being used to re-interpret historical data to provide new 
insights for genealogical research? 
 
A different research approach was used to investigate three research projects using AI-

enhanced systems to reinterpret convict records. AI technologies in each project enabled 

new interpretations of historical data and innovative methods to share the results. Table.15 

provides a brief overview of the projects with detailed information in Appendices.F and G. 

Data was collected through informal interviews with project leaders focusing on the historical 

impact, AI usage and AI-related challenges. Additional insights came from academic papers 

and workshop presentations by the project leaders.321 322 This section presents the empirical 

findings, integrating descriptions and analysis with literature review insights. 

 

 

Table 15 Overview of AI-enhanced projects to reinterpret historical convict records. 
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Project 1: Ironclad Sisterhood  
Project Overview 

Led by Redfern, this project used consumer-level AI and digital tools to re-examine an 

overlooked historical dataset, offering fresh perspectives into the experience of female 

convicts.  

Use of AI technologies 

It employed AI-assisted database management, text-to-image avatars, and AI-generated 

content creation for biographies and podcast scripts, democratising access for a broad 

audience as advocated by Sharratt and Crymble.323 324 This approach aligns with digital 

history scholars' support for integrating technology into historical research.325 326 

Challenges and Ethical Concerns 

The project encountered challenges with text-to-image generation, specifically, a tendency of 

AI to “beautify” subjects by omitting scars and other blemishes described in the convict 

database, potentially distorting historical accuracy. (Fig.49) This may be due to Generative-

AI’s guardrails preventing scars and disfigurements on avatars due to bias in training data 

favouring unblemished faces or design choices aiming for visual appeal and user comfort.327 

 

 
Figure 49 "Beautification" of convict and acknowledgement of AI-generated images.328 

This issue, alongside the ethical concern of disclosing AI involvement, underscores the 

delicate balance needed between AI’s creative potential and its limitations in representing 

historical truths accurately. Redfern addressed the issue by adopting the Genealogy and AI 

Facebook group guidelines and acknowledging the use of generative AI on the images.329 330 

These concerns resonate with Crymble's call for ethical mindfulness in digital history, 

highlighting the need for stringent ethical guidelines to navigate the challenges of bias and 

accuracy in AI-enhanced historical research.331  
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Tasmanian Longitudinal Dataset (TLD) 
The TLD, an AI-enhanced digital archive encompassing over 1.6 million records from the 

19th and early 20th centuries, is central to the following two projects. The use of its curated 

contextual datasets for historical and genealogical research aligns with the work of Godfrey, 

Gibbs, and Milligan, who highlight digital archives as essential resources. 332 333 334 By 

digitising and linking records such as convict records, prison and hospital admissions and 

military enlistments from multiple sources, the TLD preserves the records' original context, 

supporting Cowley’s research. 335 (Table.16)  

 

 
Table 16 Example of TLD datasets. 336 

This diversity of data helps mitigate the data selection bias raised by Little, resulting in a 

more accurate representation of Tasmania's colonial history. 337 338  The TLD was upgraded 

with cutting-edge AI database management technologies as part of Project 3, and ongoing 

funding from the project was allocated to support its maintenance.339 340   
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Project 2: Landscape of Production and Punishment 
Project Overview 

Tuffin’s project focused on the innovative application of AI-enhanced LiDAR and Global 

Information Systems (GIS) technologies to uncover the impact of changes in convict 

management on convicts’ lives and the Tasmanian landscape. 

Use of  AI technologies  

LiDAR and GIS helped create 3D archaeological site models, providing new insights into 

convicts’ historical land use. (Fig.50) 

 

 
 
Figure 50 LiDAR-generated elevation map of Port Arthur showing significant activities.341 
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Findings and Insights 

The LiDAR maps revealed unseen features that provided insights into the convict’s land use. 

For example LiDAR imagery at the Convict Quarry revealed several tramways, not visible at 

ground level, evidence of sophisticated land management and transport systems. (Figs.51-

52). 

 

 
Figure 51 The Port Arthur Convict Coal Mines showing terrain visible from ground level 342 

 

 
Figure 52  LiDAR scan of the quarry site revealed a spoil heap and tramlines.343 
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Convict punishment data from the TLD was mapped onto these LiDAR maps using GIS 

technologies. This mapping allows researchers to see where crimes occurred, the number 

and type of crimes at that location and link them to the source documents. Fig.53 illustrates 

the link between a convict’s conduct record, the place at Port Arthur where it occurred and 

the other crimes at that location. This information adds valuable context when researching 

convict ancestors and helps contextualise the records to provide new insights into their lives. 

 

 
Figure 53 The process from convict conduct record to table and GIS geo-located map.344 

This project embraces the methodological innovations discussed by Milligan and showcases 

how digital technologies can deepen our understanding of historical contexts.345 The project 

balanced technology with historical accuracy, a fundamental element of Milligan's research, 

by employing a multidisciplinary approach mirroring the recommendations of Crymble, 

resulting in minimal AI-related challenges. 346 347  
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Project 3: Making Crime Pay: Manufacturing Heritage Experiences in a Digital Age 
Project Overview 

Maxwell-Stewart's large-budget project used the TLD and advanced AI technologies to 

reinterpret Tasmania's convict heritage. This multidisciplinary approach created immersive 

digital heritage experiences and enhanced visitor interactions, significantly conserving and 

interpreting Tasmania's convict history. 

Interactive Memorial 

The project created an interactive convict memorial hub at the Hobart Penitentiary Chapel 

(HPC), Tasmania's most significant convict site and administrative centre for convict labour 

from 1821.348 Launched in November 2023, the interactive memorial "Unshackled" educates 

the public on convicts' roles in Tasmania’s colonisation and offers a deeper understanding of 

their lives.349  Visitors use smartphones to search the TLD and adopt a convict whose 

details, including an AI-generated avatar, crime, sentence, voyage, and life in the colony, 

appear on four large-screen displays suspended from the Chapel roof. The project also 

updated the TLD with the latest AI database technologies, ensuring its sustainability with 

ongoing funding from the exhibition. (Figs.54-55) 

 

 
Figure 54 The Convict Memorial "Unshackled" at Hobart Penitentiary Chapel. 
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Figure 55 Close-up of one side of the memorial pillar in the Unshackled immersive experience.350 

Plans are underway to expand the project to other Tasmanian convict sites, offering location-

relevant information. For example, at the Ross convict bridge, the app provides additional 

contextually relevant details on the adopted convict. 

Use of AI Technologies 

Maxwell-Stewart's team used AI applications to create "Unshackled," incorporating 

innovative technologies to bring convict histories to life. Spatial analysis using LiDAR and 

GIS mapped and analysed convict sites, and AI-generated convict avatars created realistic 

representations based on TLD descriptions and existing images of convicts. (Fig 56) Future 

enhancements will include pictures of convict descendants in the training data to improve the 

image's realism.  
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Figure 56 Convict record of Edward GRIFFITHS and digital avatar made from description. Note the inclusion of 
tattoos. 351 

 
The project also utilised thematic digital storytelling, employing computer scripts to visualise 

the lives of 78,000 convicts by identifying event sequences, locations, and interconnected 

storylines through network analysis. Scheherazade-IF, an AI approach, was used to fill 

narrative gaps in minimally documented convict stories with plausible thematic content. 352 

This exhibition narrative can also be adapted for different audiences, including school 

groups. 

Challenges and Ethical Concerns 

The project addressed the gender and race bias present in many collections by including 

female, Aboriginal and non-European convicts. Unlike the Ironclad Sisterhood, this project 

used bespoke commercial-grade image software to ensure the avatars matched the 

convict’s description, including tattoos and scars. However, these images were not 

acknowledged as AI-generated, as the project team felt it was obvious they were AI-

generated in the exhibition context. 

Findings and Insights 

The project shifted public focus from secondary penal settlements, like Port Arthur, to other 

convict sites and convict lives outside these settlements, changing the historical 

understanding of convict lives. This shift introduced new ways to explore and interact with 

historical data, deepening the knowledge of convict networks within colonial society.  

For descendants of convicts and family historians, the project provided a more balanced 

perspective of the assignment system and the roles of convict and colonial networks. 



BOLLARD.Cheryl_MScDiss_draft 
 106 21/04/24 
 

Additionally, it shed light on convicts' roles in the violent dispossession of First Nations 

people from their firestick-farmed commons in the Tasmanian Midlands. Through AI-

powered data analysis, the project enabled a thorough examination of the intricate 

connections between convicts and the colonial community, including their mobility, 

involvement in the development of labour markets, experiences within the law enforcement 

and criminal justice systems, and establishing the colonial class structure. 

 

Analysis of all Projects 

The analysis of the three projects—Ironclad Sisterhood, Convict Landscapes, and Making 

Crime Pay—highlights the transformative potential of AI in historical research. The findings 

highlight the need for ethical guidelines in AI-driven historical research, reflecting broader 

discussions by Crymble, Milligan and Sherratt on ethical considerations and bias in 

digitisation.353 354 355 They call for a balanced approach to AI’s potential, ensuring innovation 

doesn’t compromise historical authenticity.   

Data Bias 

Data bias in AI systems was a significant concern in the projects. In the Ironclad Sisterhood, 

AI-generated images of convict women were criticised for appearing too glamorous, likely 

due to biased training data or misuse prevention measures. Making Crime Pay addressed 

gender and racial biases by integrating diverse sources, aiming for more balanced 

representations. These projects emphasised the need to monitor AI algorithms to avoid 

misinterpreting historical data and mitigate unintended biases. 

Ethical Use of AI 

Ethical considerations were crucial, particularly in representing historical data with AI. The 

Ironclad Sisterhood addressed authenticity concerns by being transparent about AI use. 

Landscape of Production and Punishment highlighted the importance of monitoring AI to 

ensure unbiased historical and archaeological data interpretations. Making Crime Pay 

focused on creating sustainable digital assets and training AI on diverse sources for 

balanced representation, underscoring the role of ethics in AI deployment for historical 

research. 
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Innovative Presentation of Historical Information 

The projects used AI and digital technologies innovatively. The Ironclad Sisterhood created 

biographies and podcasts to explore convict women's lives. Landscape of Production and 

Punishment used AI-integrated LiDAR and GIS technologies for detailed historical maps. 

Making Crime Pay introduced the Unshackled exhibition with AI-generated convict avatars 

and digital storytelling, enhancing accessibility and engagement in historical research, 

aligning with Godfrey and Gibbs's recommendations. 356 357 

 

Conclusion 

Each project’s unique AI application reinterprets Australia’s convict heritage, demonstrating 

digital technologies’ potential to offer new insights and challenge historical narratives.  

Similar projects worldwide leverage AI for new historical insights. 358 359 As AI becomes more 

prevalent, balancing its capabilities with guarding against bias and ensuring ethical 

stewardship of historical narratives is crucial. These projects contribute to vital debates in 

digital history, highlighting AI's transformative role in interpreting historical data for 

genealogical research.   
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4.4 Future Prospects and Practical Implications of AI Integration in 
Genealogy: 

 

As demonstrated in the previous sections, AI has significantly influenced genealogists’ work 

practices and will continue to do so. At the end of data collection, a debriefing survey asked 

respondents to evaluate how AI and generative-AI enhanced their skills, confidence and 

ability to work more effectively, and whether they would use it again. The analysis revealed 

all participants were either currently using or planned to use AI in their future research, 

affirming that AI has effectively empowered them in their workflow. (Fig.57) 

 

 
Figure 57 Evaluation of AI's ability to empower genealogists. 
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A closer look at the distribution of scores shows respondents perceive both types of AI 

positively as tools. (Fig.58) Generative-AI tends to be rated slightly higher than general AI 

across most fields, particularly in providing information and improving skills. The most 

significant variation in opinions is seen in sharing and collaboration, especially for 

generative-AI, where a notable outlier (rating of 1) exists. This suggests some disagreement 

among respondents or a lower awareness of generative AI’s capabilities in this area.  The 

baseline survey didn’t capture feedback for this question, which could help identify reasons 

for this variation, an oversight that should be corrected in future investigations.  

 

 
Figure 58 Distribution of scores for AI empowerment of genealogy workflows. 

  



BOLLARD.Cheryl_MScDiss_draft 
 110 21/04/24 
 

Toward 2030 
Respondents envision AI as an integral, well-accepted tool in genealogy, extensively used to 

interpret documents, compare data, and summarise DNA findings. (Table.17) . 

 
Table 17 Predictions for the use of AI in genealogy in 2030. 

They expect AI to enhance visual material creation, improve narrative accuracy, and 

streamline transcription and translation, making genealogy more accessible. AI is anticipated 

to evolve into a sophisticated research tool with known strengths and limitations, becoming a 

fundamental tool like DNA analysis. Respondents believe future genealogists, particularly 

the younger generation, will consider AI essential, integrated into major genealogical 

databases, improving data accuracy, reducing labour-intensive search processes, and 

emphasising quality and historical context. 

 

4.5 Conclusion 
The data from our cohort highlights a future where AI is poised to become an essential part 

of genealogy workflows, augmenting research with its growing capabilities. The depth and 

richness of the data gathered from respondents, with their experience in adapting to earlier 

technologies, have significantly contributed to understanding how AI can empower 

genealogists despite the cohort being relatively small. The findings are also significant for 

their timing, offering some of the earliest empirical data on AI’s application in genealogy and 

establishing benchmark data for its integration into the field. Chapter 5 will assess the 

implications of these findings against the research objectives and offer recommendations for 

the successful integration of AI into genealogy. 
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Chapter 5 – Conclusion 
 
This research explored how AI, including generative-AI, can empower genealogists’ 

workflows. A theoretical framework based on the literature review systematically addressed 

the research questions. This chapter summarises the key findings, highlights AI’s significant 

contributions to genealogy workflows and concludes with personal reflections on the 

dissertation journey. 

 

5.1 Generative-AI’s Capabilities in Genealogy. 
RQ.1 What are the benefits and limitations of generative AI for genealogy purposes? 

RQ.2 How can generative-AI be used in genealogy, how effective, efficient and 
accurate is it for genealogical purposes, and to what extent are genealogists aware of 
these tools? 

The literature review establishes that generative-AI augments knowledge workers’ 

performance by enhancing speed, quantity, and quality.360 However, its non-determinism 

and potential to generate non-factual information challenge its use in genealogy, which 

demands accuracy and reliability.361 Clear, concise prompts and ample context can mitigate 

these challenges, allowing genealogists to benefit from AI’s potential.362 363 

 

Empirical evidence validated these insights: 72% of respondents said integrating generative-

AI could improve research accuracy and depth, and 81.8% acknowledged the importance of 

verifying AI-generated information to ensure its integrity. It has limitations, notably record 

bias and hallucinations; however, genealogists are accustomed to working with inaccurate 

and biased information, making validation a routine part of their research process. 

Generative-AI integrates well into genealogists’ workflows for tasks like data extraction, 

summarising, translating and transcribing, and narrative construction. However, it struggled 

with tasks with more ambiguous data, such as creating a family tree, aligning with literature 

review insights.364 365 366 Overall, it performed effectively to extremely effectively across 

various genealogical tasks. 

 

The growing trend of genealogists incorporating generative-AI into their research practices is 

evident in the increased number of shared examples of AI’s capabilities on social media, 

presentations and workshops.367 Mollick emphasises the best results are achieved when AI 

and humans work collaboratively, a finding supported by this study, which showed AI 

augments rather than replaces genealogists’ skills.368 This collaborative approach enables 
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genealogists to use AI’s speed and efficiency while applying their expertise to ensure 

accuracy and reliability. 

 

As generative-AI continues to develop, improvements such as enhanced accuracy, better 

contextual understanding and bias mitigation will make these tools even more helpful for 

genealogical research.369 The constant improvement of AI technologies highlights the 

importance of ongoing education and training to ensure genealogists remain well-informed 

about generative-AI’s potential and how to safely integrate these tools into their workflows. 

 

5.2 The Ethical Considerations of AI in Genealogy. 
RQ.3 What ethical considerations and safeguards should be implemented when using 
AI, and what are the risks associated with not implementing them? 

Since its release in December 2022, the rapid adoption of generative-AI caught governments 

and organisations by surprise, leaving them scrambling to develop ethical frameworks for its 

responsible use.370 The literature highlighted global concerns around data accuracy, privacy, 

AI’s potential for bias and the need for transparent sourcing of training data. The study’s 

findings echoed these concerns, with participants rating their concern level at 4.4/5.  

 

Addressing these challenges requires collaborative efforts to build comprehensive ethical 

frameworks. Although respondents believe existing genealogy standards could be adapted 

for AI integration, they needed refinement. They identified five guidelines for the ethical AI 

integration: 

1. Verification and validation of outputs,  

2. Human oversight and curation,  

3. Adherence to ethical and legal standards, particularly regarding privacy and 

sensitive data,  

4. Clear documentation and acknowledgment of AI use in workflows  

5. Development of comprehensive AI policies.  

 

There was also a strong emphasis on the importance of community discussion and support, 

along with a call for genealogical organisations to take on an advocacy role and ensure 

genealogists’ voices are heard in the broader ethical debates. Genealogy societies also play 

an essential role in supporting genealogists as they adapt to new technologies. By fostering 

continuous learning and ethical practice, these organisations ensure genealogists are well-

equipped to integrate AI tools into their research. 
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Failure to implement safeguards can not only undermine the integrity and accuracy of 

genealogical research but can also risk the trust and reliability placed in their work by clients, 

family members and other genealogists. 

 

5.3 The Broad Impact of AI on Genealogy. 
RQ.4. How is AI integrated into current genetic genealogy processes, and what are the 
general benefits and challenges observed? 
RQ.5. How is AI changing the availability, access and use of historical documents?  
RQ.6. How is AI being used to re-interpret historical data to provide new insights for 
genealogical research? 
 

These questions examined the impact of various AI technologies beyond generative-AI, 

including DNA data analysis, document accessibility and reinterpretation of historical 

narratives. 

 

The literature review revealed AI is fully integrated into genetic genealogy, facilitating every 

step of the DNA process.371 Respondents used genetic data to supplement their research, 

with 82% having undertaken DNA testing. The study showed while AI enables powerful 

analytical tools for genetic genealogy, their use varied widely among respondents, indicating 

a need for ongoing education on integrating AI tools into DNA analysis. 

 

AI technologies have also quietly changed how genealogists locate, access, and use 

records. The insights from previous technological changes provided in the literature aligned 

with the empirical evidence showing genealogists are integrating AI into their workflows.372 
373 Advances in AI algorithms for indexing, scanning and handwriting text recognition are 

making documents more digitally accessible.374 The beta release of AI-enabled Natural 

Language searching could potentially revolutionise information retrieval, though current 

implementations received mixed feedback.375 Respondents called for improved search 

functionality and resource coverage, issues expected to be resolved as the technology 

evolves.  

 

The study found the respondents strongly prefer online research and use advanced AI 

capabilities such as predictive analysis, link prediction, and advanced filtering, often unaware 

these are sophisticated AI technologies.  Despite a reliance on these capabilities, many 

respondents were not fully aware of the limitations and biases inherent in digital research, as 

highlighted in the literature review.376 377 There is a clear need for ongoing education to 

equip genealogists with the skills to use these technologies effectively.378 
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This methodological shift is part of a broader move towards digital humanities, integrating 

digital technologies to augment traditional research methods. This was evident in the three 

real-world projects investigated during this research, which used AI-enabled databases, 

spatial technologies and AI story-telling techniques to provide new insights into the lives of 

convicts in colonial Australia. These projects faced limitations and challenges, particularly in 

balancing technological capabilities with ethical considerations and historical accuracy, 

reflecting consistent themes across both empirical evidence and the literature. 379 380  

 

5.4 Contribution to Knowledge. 

The study revealed that generative-AI and AI can be integrated into genealogy workflows, 

empowering genealogists by enhancing their skills and boosting their confidence. It provides 

a snapshot of how an emerging technology is integrated into traditional genealogy 

workflows. The findings support the idea that AI enhances genealogists’ performance and 

research quality when used collaboratively.  These insights are especially valuable as the 

findings reflect the early stages of technology adoption, providing a baseline for future 

studies as the technology becomes more accepted.  By addressing the initial impact and 

ethical considerations of generative-AI, it fills a significant gap in the literature. Moreover, the 

study contributes to broader discussions on the ethical use of AI and the need for robust 

standards to safeguard against potential risks while maximising benefits. 

 

The research recommends ongoing education to help genealogists understand the benefits 

and limitations of the technology. Respondents felt the structured approach used in the 

Capability Analyses could form the basis for future educational courses or workshops.  
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5.5 Self-reflection 
Researching the use of AI and generative-AI in genealogy has been challenging and 

exciting. This rapidly evolving field required a steep learning curve and constant adaptation 

to remain current. Participating in some of the earliest courses and conferences addressing 

the use of generative-AI for genealogists has been particularly rewarding.  

 

Initially, scholarly resources on generative-AI were scarce, which posed a challenge in the 

early stages of my research. As more resources emerged, they enriched my understanding 

and provided valuable validation of the research. These studies and articles helped bridge 

the knowledge gap and allowed for a more comprehensive exploration of AI in genealogy. 

 

However, there are areas where the research could have been improved. Modifying some of 

the Capability Analyses could have provided better insights into practical genealogical 

applications of generative-AI. These adjustments could have enhanced the accuracy and 

relevance of the findings, offering a deeper understanding of AI’s role in genealogy. 

 

It was fascinating to witness the transformation among the study's respondents, from initial 

hesitation about incorporating AI into their workflows to becoming confident collaborators 

who understand how AI can enhance their research. They have become an informed group 

of advocates for generative-AI, spreading knowledge and encouraging others to explore its 

potential and benefiting the local genealogy community.  

 

This evolution mirrors my experience; I've progressed from using generative-AI for isolated 

tasks to integrating it as a collaborative tool, improving my capabilities as a scholar and 

researcher. I also have a greater appreciation of the sophisticated AI technologies 

embedded in many aspects of genealogical research and their potential and limitations. 
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5.6 Future Directions 
The next step for my research is developing education programs focused on the ethical and 

practical use of generative-AI in genealogy. These programs would equip genealogists with 

the skills and knowledge to use generative-AI, emphasising ethical considerations and the 

validation of AI-generated data.   

 

This study has provided a foundational understanding of the integration of AI into genealogy. 

This is a developing field, with scope for further research in many areas to expand our 

knowledge of the potential of AI, including: 

• Longitudinal Studies: Investigate the long-term impacts of AI integration into 

genealogy, tracking changes in research methodologies and outcomes over time, 

providing a deeper understanding of AI’s sustained effects on genealogy. 
• Broader Demographics: The research could include a more comprehensive range of 

genealogists from different backgrounds and skill levels. This could help determine 

how different groups use AI for genealogy research. 

• More Diverse Range of Tasks: Examine the application of generative-AI across a 

broader range of genealogical tasks such as verifying source authenticity, 

translating/transcribing medieval documents, building a custom chatbot or integrating 

multi-media records like oral histories. This would provide a more holistic 

understanding of generative-AI’s capabilities and limitations in genealogy. 

• Ethical Framework Development: Develop and test ethical frameworks tailored 

explicitly to the use of AI in genealogy. This could involve multidisciplinary 

collaborations to balance technological advances with historical integrity and privacy 

concerns. 
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5.7 Conclusion 
The integration of AI into genealogical research represents a significant advance in 

genealogical methodologies. While not all genealogists may adopt generative-AI, those who 

do will find it transforms their workflows. This study demonstrated that effective AI integration 

enhances genealogists’ efficiency and capabilities, directly improving research quality and 

depth to improve their research.   

 

Education on AI’s benefits and limitations is crucial, empowering genealogists to adapt to 

and excel in their work. The collaborative approach between AI and human expertise 

ensures routine tasks are streamlined while maintaining the accuracy and reliability of 

findings through critical human analysis. 

 

As AI technology advances, its applications in genealogy will expand, offering sophisticated 

tools for data analysis and historical interpretation. This study provides a foundational 

understanding of AI’s role in genealogy, emphasising the importance of ongoing education 

and ethical considerations. By embracing these advancements, genealogists can 

significantly enhance their research, empowering them to work more confidently and 

effectively.  

. 
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